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(54) ABNORMALITY DETECTION METHOD AND ABNORMALITY DETECTION DEVICE

(57) In an abnormality detection method, for a detec-
tion target packet stream made up of a plurality of detec-
tion target packets that are consecutive, a plurality of
distances between the plurality of detection target pack-
ets are calculated, a feature amount of the detection tar-
get packet stream is extracted using the plurality of dis-
tances calculated, and information about the degree of
abnormality in the detection target packet stream is cal-
culated using the extracted feature amount.
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Description

TECHNICAL FIELD

[0001] The present invention relates to abnormality de-
tection methods and devices for detecting an abnormality
in a packet stream.

BACKGROUND ART

[0002] A conventionally known information processing
technique is applied to data that is used in a network
system or the like (for example, refer to Non Patent Lit-
erature (NPL) 1 and 2).

Citation List

Non Patent Literature

[0003]

NPL 1: Ye, N. (2000, June). A markov chain model
of temporal behavior for anomaly detection. In Pro-
ceedings of the 2000 IEEE Systems, Man, and Cy-
bernetics Information Assurance and Security Work-
shop (Vol. 166, p. 169). West Point, NY.
NPL 2: Otey, M. E., Ghoting, A., & Parthasarathy, S.
(2006). Fast distributed outlier detection in mixed-
attribute data sets. Data mining and knowledge dis-
covery, 12(2-3), 203-228 
NPL 3: Cuturi, M., Vert, J. P., Birkenes, O., & Matsui,
T. (2007, April). A kernel for time series based on
global alignments. In Acoustics, Speech and Signal
Processing, 2007. ICASSP 2007. IEEE International
Conference on (Vol.

SUMMARY OF THE INVENTION

TECHNICAL PROBLEM

[0004] Detection of an abnormality in a packet stream
that is used in a network system or the like is desired.
[0005] Thus, the present invention has an object to pro-
vide an abnormality detection method and device for de-
tecting an abnormality in a packet stream.

SOLUTIONS TO PROBLEM

[0006] An abnormality detection method according to
one aspect of the present disclosure includes: calculat-
ing, for a detection target packet stream made up of a
plurality of detection target packets that are consecutive,
a plurality of distances between the plurality of detection
target packets; extracting a feature amount of the detec-
tion target packet stream using the plurality of distances
calculated; and calculating information about a degree
of abnormality in the detection target packet stream using
the feature amount extracted.

[0007] Furthermore, an abnormality detection device
according to one aspect of the present disclosure in-
cludes: a detection target packet data distance calculator
that calculates, for a detection target packet stream made
up of a plurality of detection target packets that are con-
secutive, a plurality of distances between the plurality of
detection target packets; a feature amount extractor that
extracts a feature amount of the detection target packet
stream using the plurality of distances calculated; and an
information calculator that calculates information about
a degree of abnormality in the detection target packet
stream using the feature amount extracted.

ADVANTAGEOUS EFFECT OF INVENTION

[0008] With the abnormality detection method and de-
vice according to one aspect of the present disclosure,
it is possible to detect an anomality in a packet stream.

BRIEF DESCRIPTION OF DRAWINGS

[0009]

FIG. 1 is a block diagram illustrating the configuration
of an abnormality detection device according to Em-
bodiment 1.
FIG. 2 is a schematic diagram illustrating one exam-
ple of profile information.
FIG. 3 is a schematic diagram illustrating the data
structure of a Modbus/TCP protocol packet.
FIG. 4 is a schematic diagram illustrating the data
structure of a BACnet/IP protocol packet.
FIG. 5 is a schematic diagram illustrating one exam-
ple of a reference packet data stream.
FIG. 6 is a schematic diagram illustrating one exam-
ple where a reference packet data distance calcula-
tor according to Embodiment 1 cuts out packet data
on a byte-by-byte basis.
FIG. 7 is a schematic diagram illustrating one exam-
ple where a reference packet data distance calcula-
tor according to Embodiment 1 calculates the Lev-
enshtein distance between two character strings.
FIG. 8 is a schematic diagram illustrating one exam-
ple where a reference packet data distance calcula-
tor according to Embodiment 1 calculates the Lev-
enshtein distance between two byte strings.
FIG. 9 is a schematic diagram illustrating one exam-
ple where a reference packet data distance calcula-
tor according to Embodiment 1 calculates a refer-
ence distance.
FIG. 10 is a schematic diagram illustrating one ex-
ample where a reference feature amount extractor
according to Embodiment 1 extracts a reference fea-
ture amount.
FIG. 11 is a schematic diagram illustrating one ex-
ample where a detection target packet data distance
calculator according to Embodiment 1 calculates a
distance.

1 2 



EP 3 886 374 A1

3

5

10

15

20

25

30

35

40

45

50

55

FIG. 12 is a schematic diagram illustrating one ex-
ample where a feature amount extractor according
to Embodiment 1 extracts a feature amount from a
detection target packet data stream.
FIG. 13 is a schematic diagram illustrating one ex-
ample where an information calculator according to
Embodiment 1 calculates the earth mover’s dis-
tance.
FIG. 14 is a schematic diagram illustrating one ex-
ample where an information calculator according to
Embodiment 1 calculates an abnormality degree of
a detection target packet stream.
FIG. 15 is a flowchart of a first reference feature
amount extraction process.
FIG. 16 is a flowchart of a first abnormality detection
process.
FIG. 17 is a block diagram illustrating the configura-
tion of an abnormality detection device according to
Embodiment 2.
FIG. 18 is a schematic diagram illustrating one ex-
ample where an information calculator according to
Embodiment 2 calculates a dynamic time warping
distance.
FIG. 19 is a flowchart of a second reference feature
amount extraction process.
FIG. 20 is a flowchart of a second abnormality de-
tection process.
FIG. 21 is a block diagram illustrating the configura-
tion of an abnormality detection device according to
Embodiment 3.
FIG. 22 is a flowchart of a third reference feature
amount extraction process.
FIG. 23 is a flowchart of a third abnormality detection
process.

DESCRIPTION OF EXEMPLARY EMBODIMENTS

(Underlying Knowledge Forming Basis of One Aspect of 
the Present Invention)

[0010] Conventionally, there is a tendency that cyber-
attack cases in industrial control systems (ICSs) in-
crease. In the ICSs, a command string in a normal format
for controlling a device could become a serious attack,
and even an abnormal packet stream generated by a
malicious attacker is almost indistinguishable from a nor-
mal packet stream when checked on a per-packet basis.
[0011] Conventionally known methods for detecting an
abnormality in a packet stream include a rule-based ap-
proach and an anomaly-based approach. However, the
rule-based approach is problematic in that it is difficult to
detect an abnormality in a packet stream that is not de-
scribed according to a rule, and the anomaly-based ap-
proach is problematic in that it is difficult to detect an
abnormality in a packet stream unless there is a drastic
increase in the amount of data, the number of packets,
etc., or a drastic byte string disturbance.
[0012] In order to solve these problems, the inventor

diligently repeated examinations and experiments. The
inventor focused on the fact that a normal packet stream
including a command for controlling a device has a con-
stant context, and found that a packet stream deviated
from the constant context can be detected as an abnor-
mal packet stream. As a result, the inventor conceived
of the following abnormality detection method and de-
vice.
[0013] An abnormality detection method according to
one aspect of the present disclosure includes: calculat-
ing, for a detection target packet stream made up of a
plurality of detection target packets that are consecutive,
a plurality of distances between the plurality of detection
target packets; extracting a feature amount of the detec-
tion target packet stream using the plurality of distances
calculated; and calculating information about a degree
of abnormality in the detection target packet stream using
the feature amount extracted.
[0014] According to this abnormality detection method,
a feature of the context of the detection target packet
stream can be extracted as a feature amount. Further-
more, information about an abnormality in the detection
target packet stream can be calculated using the extract-
ed feature amount. Thus, an abnormality in the packet
stream can be detected using the above abnormality de-
tection method.
[0015] Furthermore, in the calculating of the plurality
of distances, a Levenshtein distance between payloads
of the plurality of detection target packets may be used
to calculate the plurality of distances.
[0016] Furthermore, the Levenshtein distance be-
tween the payloads of the plurality of detection target
packets may be calculated for each pair of detection tar-
get packets that are N packets apart from each other in
the detection target packet stream, and the calculation
may be applied in units of M bits to at least a portion of
bit strings included in the payloads, where N is an integer
greater than or equal to 1 and M is an integer between
1 and 16, inclusive, and in the calculating of the plurality
of distances, a distance for each pair of detection target
packets that are N packets apart from each other in the
detection target packet stream may be calculated to cal-
culate the plurality of distances.
[0017] Furthermore, the Levenshtein distance be-
tween the payloads of the plurality of detection target
packets may further be calculated for each pair of detec-
tion target packets that are L packets apart from each
other in the detection target packet stream, where L is
an integer greater than or equal to 1 and different from
N, and in the calculating of the plurality of distances, a
distance for each pair of detection target packets that are
L packets apart from each other in the detection target
packet stream may be calculated to calculate the plurality
of distances.
[0018] Furthermore, in the extracting of the feature
amount, for each of one or more windows made up of W
consecutive detection target packets in the detection tar-
get packet stream, a frequency distribution of the plurality
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of distances calculated for pairs of detection target pack-
ets belonging to the window may be calculated, and the
frequency distribution calculated may be extracted as the
feature amount, where W is an integer greater than or
equal to 2.
[0019] Furthermore, in the calculating of the informa-
tion about the degree of abnormality, an earth mover’s
distance between the frequency distribution calculated
and each of a plurality of reference frequency distribu-
tions stored in advance may be calculated, and a k-near-
est neighbor method in which the earth mover’s distance
calculated is used may be used to calculate the informa-
tion about the degree of abnormality.
[0020] Furthermore, in the extracting of the feature
amount, for each of one or more windows made up of W
consecutive detection target packets in the detection tar-
get packet stream, a distance stream made up of the
plurality of distances calculated for pairs of detection tar-
get packets belonging to the window may be calculated,
and the distance stream calculated may be extracted as
the feature amount, where W is an integer greater than
or equal to 1.
[0021] Furthermore, in the calculating of the informa-
tion about the degree of abnormality, a warping-based
distance between the distance stream calculated and
each of a plurality of reference distance streams stored
in advance may be calculated, and the warping-based
distance calculated may be used to calculate the infor-
mation about the degree of abnormality.
[0022] Furthermore, in the calculating of the informa-
tion about the degree of abnormality, a global alignment
kernel stored in advance may be applied to the distance
stream calculated, to calculate the information about the
degree of abnormality.
[0023] Furthermore, in the calculating of the plurality
of distances, a plurality of distances between limited pairs
of the plurality of detection target packets that are of an
identical command type may be calculated.
[0024] Furthermore, for each of one or more reference
packet streams made up of a plurality of reference pack-
ets that are consecutive, each of a plurality of reference
distances between the plurality of reference packets may
be calculated, a reference feature amount of each of the
one or more reference packet streams may be extracted
using a corresponding one of the plurality of reference
distances calculated, and in the calculating of the infor-
mation about the degree of abnormality in the detection
target packet stream, the reference feature amount ex-
tracted may be additionally used to calculate the infor-
mation about the degree of abnormality in the detection
target packet stream.
[0025] Furthermore, in the calculating of each of the
plurality of reference distances, a Levenshtein distance
between payloads of the plurality of reference packets
may be used to calculate each of the plurality of reference
distances.
[0026] Furthermore, the Levenshtein distance be-
tween the payloads of the plurality of reference packets

may be calculated for each pair of reference packets that
are N packets apart from each other in each of the one
or more reference packet streams, and the calculation
may be applied in units of M bits to at least a portion of
bit strings included in the payloads, where N is an integer
greater than or equal to 1 and M is an integer between
1 and 16, inclusive, and in the calculating of each of the
plurality of reference distances, a reference distance for
each pair of reference packets that are N packets apart
from each other in each of the one or more reference
packet streams may be calculated to calculate each of
the plurality of reference distances.
[0027] Furthermore, the Levenshtein distance be-
tween the payloads of the plurality of reference packets
may further be calculated for each pair of detection target
packets that are L packets apart from each other in each
of the one or more reference packet streams, where L is
an integer greater than or equal to 1 and different from
N, and in the calculating of each of the plurality of refer-
ence distances, a reference distance for each pair of ref-
erence packets that are L packets apart from each other
in each of the one or more reference packet streams may
further be calculated to calculate each of the plurality of
reference distances.
[0028] Furthermore, for each of one or more reference
packet streams made up of a plurality of reference pack-
ets that are consecutive, each of a plurality of reference
distances between the plurality of reference packets may
be calculated, a reference feature amount of a corre-
sponding one of the one or more reference packet
streams may be extracted using each of the plurality of
reference distances calculated, and in the calculating of
each of the plurality of reference distances, a Levensht-
ein distance between payloads of the plurality of refer-
ence packets may be used to calculate each of the plu-
rality of reference distances, the Levenshtein distance
between the payloads of the plurality of reference pack-
ets may be calculated for each pair of reference packets
that are N packets apart from each other in each of the
one or more reference packet streams, and the calcula-
tion may be applied in units of M bits to at least a portion
of bit strings included in the payloads, where N is an
integer greater than or equal to 1 and M is an integer
between 1 and 16, inclusive, and in the extracting of the
reference feature amount of each of the one or more
reference packet streams, for each of one or more win-
dows made up of W consecutive reference packets in
each of the one or more reference packet streams, a
frequency distribution of the plurality of reference dis-
tances calculated for pairs of reference packets belong-
ing to the window may be calculated, the frequency dis-
tribution of the plurality of reference distances calculated
may be extracted as the reference feature amount of the
reference packet stream, and the reference feature
amount of the reference packet stream that has been
extracted may be stored as a corresponding one of the
plurality of reference frequency distributions stored in ad-
vance, where W is an integer greater than or equal to 2.
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[0029] Furthermore, for each of one or more reference
packet streams made up of a plurality of reference pack-
ets that are consecutive, each of a plurality of reference
distances between the plurality of reference packets may
be calculated, a reference feature amount of each of the
one or more reference packet streams may be extracted
using a corresponding one of the plurality of reference
distances calculated, and in the calculating of each of
the plurality of reference distances, a Levenshtein dis-
tance between payloads of the plurality of reference
packets may be used to calculate each of the plurality of
reference distances, the Levenshtein distance between
the payloads of the plurality of reference packets may be
calculated for each pair of reference packets that are N
packets apart from each other in each of the one or more
reference packet streams, and the calculation may be
applied in units of M bits to at least a portion of bit strings
included in the payloads, where N is an integer greater
than or equal to 1 and M is an integer between 1 and 16,
inclusive, and in the extracting of the reference feature
amount of each of the one or more reference packet
streams, for each of one or more windows made up of
W consecutive reference packets in each of the one or
more reference packet streams, a reference distance
stream made up of the plurality of reference distances
calculated for pairs of reference packets belonging to the
window may be calculated, and the reference distance
stream calculated may be extracted as the reference fea-
ture amount of the reference packet stream, where W is
an integer greater than or equal to 2, and the reference
feature amount of the reference packet stream that has
been extracted may be stored as one of the plurality of
reference distance streams stored in advance.
[0030] Furthermore, for each of one or more reference
packet streams made up of a plurality of reference pack-
ets that are consecutive, each of a plurality of reference
distances between the plurality of reference packets may
be calculated, a reference feature amount of each of the
one or more reference packet streams may be extracted
using a corresponding one of the plurality of reference
distances calculated, and in the calculating of each of
the plurality of reference distances, a Levenshtein dis-
tance between payloads of the plurality of reference
packets may be used to calculate each of the plurality of
reference distances, the Levenshtein distance between
the payloads of the plurality of reference packets may be
calculated for each pair of reference packets that are N
packets apart from each other in each of the one or more
reference packet streams, and the calculation may be
applied in units of M bits to at least a portion of bit strings
included in the payloads, where N is an integer greater
than or equal to 1 and M is an integer between 1 and 16,
inclusive, and in the extracting of the reference feature
amount of each of the one or more reference packet
streams, for each of one or more windows made up of
W consecutive reference packets in each of the one or
more reference packet streams, a reference distance
stream made up of the plurality of reference distances

calculated for pairs of reference packets belonging to the
window may be calculated, and the reference distance
stream calculated may be extracted as the reference fea-
ture amount of the reference packet stream, where W is
an integer greater than or equal to 2, and a global align-
ment kernel may be calculated using the reference fea-
ture amount of the reference packet stream that has been
extracted, and the global alignment kernel calculated
may be stored as the global alignment kernel stored in
advance.
[0031] Furthermore, in the calculating of each of the
plurality of reference distances, reference distances be-
tween limited pairs of the plurality of reference packets
that are of an identical command type may be calculated.
[0032] Furthermore, an abnormality detection device
according to one aspect of the present disclosure in-
cludes: a detection target packet data distance calculator
that calculates, for a detection target packet stream made
up of a plurality of detection target packets that are con-
secutive, a plurality of distances between the plurality of
detection target packets; a feature amount extractor that
extracts a feature amount of the detection target packet
stream using the plurality of distances calculated; and an
information calculator that calculates information about
a degree of abnormality in the detection target packet
stream using the feature amount extracted.
[0033] With this abnormality detection device, a fea-
ture of the context of the detection target packet stream
can be extracted as a feature amount. Furthermore, in-
formation about an abnormality in the detection target
packet stream can be calculated using the extracted fea-
ture amount. Thus, an abnormality in the packet stream
can be detected using the above abnormality detection
device.
[0034] Furthermore, a reference packet data distance
calculator that calculates, for each of one or more refer-
ence packet streams made up of a plurality of reference
packets that are consecutive, each of a plurality of refer-
ence distances between the plurality of reference pack-
ets, and a reference feature amount extractor that ex-
tracts a reference feature amount of each of the one or
more reference packet streams using a corresponding
one of the plurality of reference distances calculated may
be included, and the information calculator may addition-
ally use the reference feature amount extracted, to cal-
culate the information about the degree of abnormality
in the detection target packet stream.
[0035] Hereinafter, specific examples of the abnormal-
ity detection method and device according to one aspect
of the present disclosure will be described with reference
to the drawings. Each of the embodiments described be-
low shows a specific example of the present disclosure.
Thus, the numerical values, shapes, structural elements,
and the arrangement and connection of the structural
elements, steps, the processing order of the steps etc.,
shown in the following embodiments are mere examples,
and are not intended to limit the present disclosure.
Among the structural elements in the following embodi-
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ments, structural elements not recited in any one of the
independent claims are structural elements that can be
arbitrarily included. Note that the figures are schematic
diagrams and are not necessarily precise illustrations.

EMBODIMENT 1

[0036] Hereinafter, an abnormality detection device
according to Embodiment 1 will be described. This ab-
normality detection device detects an abnormality in a
detection target packet stream.

[1-1. Configuration]

[0037] FIG. 1 is a block diagram illustrating the config-
uration of abnormality detection device 1 according to
Embodiment 1.
[0038] As illustrated in FIG. 1, abnormality detection
device 1 includes first profile determiner 11, first extractor
12, reference packet data stream group storage 13, ref-
erence packet data distance calculator 14, reference fea-
ture amount extractor 15, reference feature amount stor-
age 16, second profile determiner 21, second extractor
22, detection target packet data stream storage 23, de-
tection target packet data distance calculator 24, feature
amount extractor 25, feature amount storage 26, infor-
mation calculator 27, and determiner 28.
[0039] Abnormality detection device 1 is provided, for
example, as a computer device including memory and a
processor that executes a program stored in the memory.
In this case, various functions of abnormality detection
device 1 are implemented by the processor included in
abnormality detection device 1 executing the program
stored in the memory included in abnormality detection
device 1.
[0040] First profile determiner 11 obtains reference
packet stream group 10 which is a group of normal packet
streams, in other words, a group of packet streams in-
cluding no abnormal packet streams. Subsequently, for
each packet included in each reference packet stream
in obtained reference packet stream group 10, a corre-
sponding profile is determined on the basis of attribute
information (such as a source IP, a destination IP, a
source port, a destination port, and a protocol; a combi-
nation thereof is also included) of the packet. First profile
determiner 11 may store profile information and deter-
mine the corresponding profile on the basis of the stored
profile information, for example.
[0041] FIG. 2 is a schematic diagram illustrating one
example of the profile information stored in first profile
determiner 11.
[0042] First profile determiner 11 stores the profile in-
formation illustrated in FIG. 2 and determines, for each
packet, a profile identified by profile ID in a row with the
same target command, for example.
[0043] FIG. 3 is a schematic diagram illustrating the
data structure of a Modbus/TCP protocol packet.
[0044] For example, in the case where a packet is a

Modbus/TCP protocol packet, first profile determiner 11
determines, as a packet with the same target command,
a packet in which a bit string stored in the Data field il-
lustrated in FIG. 3 matches a bit string corresponding to
the target command.
[0045] FIG. 4 is a schematic diagram illustrating the
data structure of a BACnet/IP protocol packet.
[0046] For example, in the case where a packet is a
BACnet/IP protocol packet, first profile determiner 11 de-
termines, as a packet with the same target command, a
packet in which a bit string stored in the APDU Type field
illustrated in FIG. 4 and a bit string stored in the Service
Choice field illustrated in FIG. 4 match a bit string corre-
sponding to the target command.
[0047] For example, in the case where a packet for
which a profile is to be determined does not match the
stored profile information, first profile determiner 11 may
execute an application including a deep packet inspec-
tion function, thereby specify a protocol for the packet,
and determine a profile for the packet on the basis of the
specified protocol.
[0048] Returning to FIG. 1, the description of abnor-
mality detection device 1 will continue.
[0049] For each packet the profile of which has been
determined by first profile determiner 11, first extractor
12 extracts, as packet data, a bit string stored in the pay-
load field of the packet.
[0050] For example, in the case where a packet to be
extracted is a Modbus/TCP protocol packet, first extrac-
tor 12 extracts, as the packet data, a bit string stored in
the TCP Payload field illustrated in FIG. 3.
[0051] For example, in the case where a packet to be
extracted is a BACnet/IP protocol packet, first extractor
12 extracts, as the packet data, a bit string stored in the
UDP Payload field illustrated in FIG. 4.
[0052] When first extractor 12 extracts the packet data
from each packet, first extractor 12 outputs a reference
packet data stream made up of packet data with the same
profile for each reference packet stream obtained by first
profile determiner 11.
[0053] FIG. 5 is a schematic diagram illustrating one
example of the reference packet data stream output by
first extractor 12.
[0054] For example, first extractor 12 outputs a refer-
ence packet data stream including, in a sequence: packet
data corresponding to a write command for "powering
ON the device identified by ID = 1"; packet data corre-
sponding to a write command for "powering ON the de-
vice identified by ID = 2"; packet data corresponding to
a write command for "powering ON the device identified
by ID = 3"; packet data corresponding to a write command
for "powering ON the device identified by ID = 4"; packet
data corresponding to a write command for "changing
the temperature settings of the device identified by ID =
1 to 27.0°C"; packet data corresponding to a write com-
mand for "changing the air flow rate settings of the device
identified by ID = 1 to HIGH"; packet data corresponding
to a write command for "changing the temperature set-
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tings of the device identified by ID = 2 to 27.0°C"; and
packet data corresponding to a write command for
"changing the air flow rate settings of the device identified
by ID = 2 to HIGH", which are illustrated in FIG. 5.
[0055] Returning to FIG. 1, the description of abnor-
mality detection device 1 will continue.
[0056] Reference packet data stream group storage
13 stores a reference packet data stream group made
up of one or more reference packet data streams output
from first extractor 12.
[0057] Reference packet data distance calculator 14
calculates, for each reference packet data stream stored
in reference packet data stream group storage 13, a plu-
rality of reference distances between a plurality of refer-
ence packet data included in the reference packet data
stream.
[0058] Reference packet data distance calculator 14
handles the packet data as byte strings cut out on a byte-
by-byte basis and calculates a reference distance be-
tween the reference packet data by calculating a byte
string distance between the reference packet data.
[0059] FIG. 6 is a schematic diagram illustrating one
example where reference packet data distance calcula-
tor 14 cuts out the packet data on a byte-by-byte basis.
[0060] Note that reference packet data distance calcu-
lator 14 is described herein as cutting out the packet data
on a byte-by-byte basis, but the unit to be cut out does
not necessarily need to be limited to the example of the
byte-by-byte basis. The unit to be cut out may be a bit
string having an arbitrary length between 1 bit and 16
bits, inclusive, or may be a bit string having another ar-
bitrary length, for example. In addition, reference packet
data distance calculator 14 does not need to be limited
to an example of cutting out the packet data in units of
consecutive bits. For example, reference packet data dis-
tance calculator 14 may cut out a bit string by repeating
the process of cutting out x bits and skipping y bits.
[0061] Returning to FIG. 1, the description of abnor-
mality detection device 1 will continue.
[0062] Reference packet data distance calculator 14
calculates a reference distance using the Levenshtein
distance between the packet data.
[0063] The Levenshtein distance is a distance that can
be set between two character strings or byte strings. The
Levenshtein distance is defined as the minimum number
of times required to modify one character string or byte
string into the other character string or byte string by way
of insertions, deletions, and substitutions.
[0064] FIG. 7 is a schematic diagram illustrating one
example where reference packet data distance calcula-
tor 14 calculates the Levenshtein distance between two
character strings (here, as an example, between the
character strings "ELEPHANT" and "RELEVANT").
[0065] As illustrated in FIG. 7, the minimum number of
times of insertions, deletions, and substitutions required
to modify "ELEPHANT" into "RELEVANT" is three.
Therefore, reference packet data distance calculator 14
calculates the Levenshtein distance between "ELE-

PHANT" and "RELEVANT" as "3".
[0066] FIG. 8 is a schematic diagram illustrating one
example where reference packet data distance calcula-
tor 14 calculates the Levenshtein distance between two
byte strings.
[0067] As illustrated in FIG. 8, the minimum number of
times of insertions, deletions, and substitutions required
to modify one byte string into the other byte string is three.
Therefore, reference packet data distance calculator 14
calculates, as "3", the Levenshtein distance between the
byte strings illustrated in FIG. 8.
[0068] Reference packet data distance calculator 14
calculates, for each pair of reference packets that are N
packets apart from each other (N is an integer greater
than or equal to 1), a plurality of reference distances be-
tween a plurality of reference packet data included in the
reference packet data stream.
[0069] FIG. 9 is a schematic diagram illustrating one
example where reference packet data distance calcula-
tor 14 calculates the plurality of reference distances from
the reference packet data stream when N is 1. Although
N is described as being 1 herein, N is not necessarily
limited to 1.
[0070] As illustrated in FIG. 9, in the case where a cur-
rent reference packet data stream is made up of eight
consecutive reference packet data, reference packet da-
ta distance calculator 14 calculates seven reference dis-
tances between reference packet data that are one data
apart from each other, in other words, between reference
packet data adjacent to each other, from the current ref-
erence packet data stream.
[0071] It is sufficient that reference packet data dis-
tance calculator 14 calculate, as the Levenshtein dis-
tance between the packet data, the Levenshtein distance
for each pair of at least some of bit strings included in
the packet data; reference packet data distance calcula-
tor 14 does not necessarily need to calculate the Leven-
shtein distance for every pair of the bit strings included
in the packet data.
[0072] Returning to FIG. 1, the description of abnor-
mality detection device 1 will continue.
[0073] For each reference packet data stream stored
in reference packet data stream group storage 13, refer-
ence feature amount extractor 15 extracts a reference
feature amount using a corresponding one of the plurality
of reference distances calculated by reference packet
data distance calculator 14. More specifically, for each
reference packet data stream stored in reference packet
data stream group storage 13, reference feature amount
extractor 15 calculates a frequency distribution of a plu-
rality of reference distances calculated for a reference
packet data belonging to each of one or more windows
made up of W consecutive reference packet data (W is
an integer greater than or equal to 2), and extracts each
calculated reference distance frequency distribution as
a reference feature amount.
[0074] FIG. 10 is a schematic diagram illustrating one
example where reference feature amount extractor 15
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extracts a reference feature amount from one reference
packet data stream. The schematic diagram in FIG. 10
illustrates the case where reference packet data distance
calculator 14 calculates the plurality of reference distanc-
es illustrated in FIG. 9 for one reference packet data
stream when W is 4.
[0075] As illustrated in FIG. 10, the reference distances
calculated for the reference packet data belonging to the
first window are "1", "3", "2", and "2". Therefore, reference
feature amount extractor 15 calculates, as the frequency
distribution of the plurality of reference distances in the
first window, frequency distribution A (refer to "A" in FIG.
10) in which the frequency of "1" is "0.25", the frequency
of "2" is"0.5", the frequency of "3" is"0.25", and the fre-
quency of "4" is "0". The reference distances calculated
for the reference packet data belonging to the second
window are "3", "2", "2", and "4". Therefore, reference
feature amount extractor 15 calculates, as the frequency
distribution of the plurality of reference distances in the
second window, frequency distribution B (refer to "B" in
FIG. 10) in which the frequency of "1" is"0", the frequency
of "2" is "0.5", the frequency of "3" is "0.25", and the fre-
quency of "4" is "0.25". The reference distances calcu-
lated for the reference packet data belonging to the third
window are "2", "2", "4", and "3". Therefore, reference
feature amount extractor 15 calculates, as the frequency
distribution of the plurality of reference distances in the
third window, frequency distribution C (refer to "C" in FIG.
10) in which the frequency of "1" is "0", the frequency of
"2" is "0.25", the frequency of "3" is "0.5", and the fre-
quency of "4" is "0.25". The reference distances calcu-
lated for the reference packet data belonging to the fourth
window are "2", "4", "3", and "1". Therefore, reference
feature amount extractor 15 calculates, as the frequency
distribution of the plurality of reference distances in the
fourth window, frequency distribution D (refer to "D" in
FIG. 10) in which the frequency of "1" is "0.25", the fre-
quency of "2" is "0", the frequency of "3" is"0.5", and the
frequency of "4" is"0.25". Subsequently, reference fea-
ture amount extractor 15 extracts, as reference feature
amounts, frequency distribution A, frequency distribution
B, frequency distribution C, and frequency distribution D
that have been calculated.
[0076] Returning to FIG. 1, the description of abnor-
mality detection device 1 will continue.
[0077] Reference feature amount storage 16 stores
the reference feature amounts extracted by reference
feature amount extractor 15.
[0078] Second profile determiner 21 obtains detection
target packet stream 20 which is subject to abnormality
detection. Subsequently, for each packet included in ob-
tained detection target packet stream 20, a correspond-
ing profile is determined on the basis of attribute infor-
mation (such as a source IP, a destination IP, a source
port, a destination port, and a protocol; a combination
thereof is also included) of the packet. Second profile
determiner 21 determines a profile using an algorithm
that is substantially the same as that used in the profile

determination performed by first profile determiner 11.
[0079] For each of a plurality of packets the profiles of
which have been determined by second profile determin-
er 21, second extractor 22 extracts, as packet data, a bit
string stored in the payload field of the packet. Second
extractor 22 extracts the packet data using an algorithm
that is substantially the same as that used in the packet
data extraction performed by first extractor 12.
[0080] When second extractor 22 extracts the packet
data, second extractor 22 outputs a detection target
packet data stream made up of packet data having the
same profile.
[0081] Detection target packet data stream storage 23
stores the detection target packet data stream output
from second extractor 22.
[0082] For the detection target packet data stream
stored in detection target packet data stream storage 23,
detection target packet data distance calculator 24 cal-
culates a plurality of distances between a plurality of de-
tection target packet data included in the detection target
packet data stream.
[0083] Detection target packet data distance calculator
24 calculates a distance using an algorithm that is sub-
stantially the same as an algorithm resulting from replac-
ing the reference packet by a detection target packet,
replacing the reference packet data by detection target
packet data, replacing the reference packet data stream
by a detection target packet data stream, and replacing
the reference distance by a distance, as compared to the
reference distance calculation performed by reference
packet data distance calculator 14.
[0084] FIG. 11 is a schematic diagram illustrating one
example where detection target packet data distance cal-
culator 24 calculates a plurality of distances from the de-
tection target packet data stream when N is 1. Although
N is described as being 1 herein, N is not necessarily
limited to 1.
[0085] As illustrated in FIG. 11, in the case where a
current detection target packet data stream is made up
of six consecutive detection target packet data, detection
target packet data distance calculator 24 calculates five
distances between detection target packet data that are
one data apart from each other, in other words, between
detection target packet data adjacent to each other, from
the current detection target packet data stream.
[0086] It is sufficient that detection target packet data
distance calculator 24 calculate, as the Levenshtein dis-
tance between the packet data, the Levenshtein distance
for each pair of at least some of bit strings included in
the packet data; detection target packet data distance
calculator 24 does not necessarily need to calculate the
Levenshtein distance for every pair of the bit strings in-
cluded in the packet data.
[0087] Returning to FIG. 1, the description of abnor-
mality detection device 1 will continue.
[0088] For the detection target packet data stream
stored in detection target packet data stream storage 23,
feature amount extractor 25 extracts a feature amount
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using the plurality of distances calculated by detection
target packet data distance calculator 24. More specifi-
cally, for the detection target packet data stream stored
in detection target packet data stream storage 23, feature
amount extractor 25 calculates a frequency distribution
of a plurality of distances calculated for detection target
packets belonging to each of one or more windows made
up of W consecutive detection target packet data (W is
an integer greater than or equal to 2), and extracts the
calculated distance frequency distribution as a feature
amount.
[0089] FIG. 12 is a schematic diagram illustrating one
example where feature amount extractor 25 extracts a
feature amount from the detection target packet data
stream. The schematic diagram in FIG. 12 illustrates the
case where detection target packet data distance calcu-
lator 24 calculates the plurality of distances illustrated in
FIG. 11 for the detection target packet data stream when
W is 4.
[0090] As illustrated in FIG. 12, the distances calculat-
ed for the detection target packet data belonging to the
first window are "4", "2", "3", and "1". Therefore, feature
amount extractor 25 calculates, as the frequency distri-
bution of the plurality of distances in the first window,
frequency distribution X (refer to "X" in FIG. 12) in which
the frequency of "1" is "0.25", the frequency of "2"
is"0.25", the frequency of "3" is"0.25", and the frequency
of "4" is "0.25". The distances calculated for the detection
target packet data belonging to the second window are
"2", "3", "1", and "2". Therefore, feature amount extractor
25 calculates, as the frequency distribution of the plurality
of distances in the second window, frequency distribution
Y (refer to "Y" in FIG. 12) in which the frequency of "1"
is "0", the frequency of "2" is"0.5", the frequency of "3"
is"0.25", and the frequency of "4" is "0". Subsequently,
feature amount extractor 25 extracts, as feature
amounts, frequency distribution X and frequency distri-
bution Y that have been calculated.
[0091] Returning to FIG. 1, the description of abnor-
mality detection device 1 will continue.
[0092] Feature amount storage 26 stores the feature
amounts extracted by feature amount extractor 25.
[0093] Information calculator 27 calculates the earth
mover’s distance (hereinafter also referred to as EMD)
between each of the reference distance frequency dis-
tributions stored in reference feature amount storage 16
as the reference feature amount and each of the distance
frequency distributions stored in feature amount storage
26 as the feature amount, and calculates an abnormality
degree, which indicates the degree of abnormality in de-
tection target packet stream 20, using a k-nearest neigh-
bor method in which the calculated earth mover’s dis-
tance is used.
[0094] The earth mover’s distance is a distance that
can be set between two probability distributions (here,
between the reference distance frequency distribution
and the distance frequency distribution). The earth mov-
er’s distance is defined as the minimum cost required to

modify one probability distribution (here, one frequency
distribution) into the other probability distribution (here,
the other frequency distribution) by the movement of
probability components (here, frequency components).
[0095] FIG. 13 is a schematic diagram illustrating one
example where information calculator 27 calculates the
earth mover’s distance between four frequency distribu-
tions (frequency distribution K, frequency distribution L,
frequency distribution M, and frequency distribution N).
[0096] As illustrated in FIG. 13, the minimum cost re-
quired to convert frequency distribution K (refer to "K" in
FIG. 13) in which the frequency of "0" is "0", the frequency
of "1" is "0.5", the frequency of "2" is "0.25", and the fre-
quency of "3" is "0.25" into frequency distribution L (refer
to "L" in FIG. 13) in which the frequency of "0" is "0", the
frequency of "1" is "0.25", the frequency of "2" is "0.25",
and the frequency of "3" is "0.5" is a cost for moving the
frequency component "0.25" included in the frequency
of "1", which is "0.5", in frequency distribution K to the
frequency of "3" in frequency distribution L. Therefore,
information calculator 27 calculates 0.25 3 |1 - 3| = 0.5
as the earth mover’s distance between frequency distri-
bution K and frequency distribution L. Similarly, informa-
tion calculator 27 calculates, as the earth mover’s dis-
tances between the four frequency distributions, the re-
spective values indicated in the table in FIG. 13.
[0097] FIG. 14 is a schematic diagram illustrating one
example where information calculator 27 calculates the
abnormality degree of detection target packet stream 20
from each of the reference distance frequency distribu-
tions stored in reference feature amount storage 16 as
the reference feature amount and each of the distance
frequency distributions stored in feature amount storage
26 as the feature amount. The schematic diagram in FIG.
14 illustrates the case where the reference distance fre-
quency distributions stored in reference feature amount
storage 16 are frequency distribution A, frequency distri-
bution B, frequency distribution C, and frequency distri-
bution D illustrated in FIG. 10, and the distance frequency
distributions stored in feature amount storage 26 are fre-
quency distribution X and frequency distribution Y illus-
trated in FIG. 12.
[0098] As illustrated in FIG. 14, information calculator
27 calculates "0.5" as the earth mover’s distance be-
tween frequency distribution X and frequency distribution
A (hereinafter also referred to as "EMD_XA"), calculates
"0.25" as the earth mover’s distance between frequency
distribution X and frequency distribution B (hereinafter
also referred to as "EMD_XB"), calculates "0.5" as the
earth mover’s distance between frequency distribution X
and frequency distribution C (hereinafter also referred to
as "EMD_XC"), and calculates "0.25" as the earth mov-
er’s distance between frequency distribution X and fre-
quency distribution D (hereinafter also referred to as
"EMD_XD"). Subsequently, information calculator 27 ap-
plies, to EMD_XA, EMD_XB, EMD_XC, and EMD_XD,
a k-nearest neighbor method where K = 1, and calculates
"0.25" as the abnormality degree of frequency distribution
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X. Similarly, information calculator 27 calculates "0" as
the earth mover’s distance between frequency distribu-
tion Y and frequency distribution A (hereinafter also re-
ferred to as "EMD_YA"), calculates "0.75" as the earth
mover’s distance between frequency distribution Y and
frequency distribution B (hereinafter also referred to as
"EMD_YB"), calculates "1.0" as the earth mover’s dis-
tance between frequency distribution Y and frequency
distribution C (hereinafter also referred to as "EMD_YC"),
and calculates "0.75" as the earth mover’s distance be-
tween frequency distribution Y and frequency distribution
D (hereinafter also referred to as "EMD_YD"). Subse-
quently, information calculator 27 applies, to EMD_YA,
EMD_YB, EMD_YC, and EMD_YD, a k-nearest neighbor
method where K = 1, and calculates "0" as the abnor-
mality degree of frequency distribution Y. Furthermore,
information calculator 27 calculates, as the abnormality
degree of detection target packet stream 20, the abnor-
mality value "0.25" of frequency distribution X or the ab-
normality value "0" of frequency distribution Y, whichever
is largest, i.e., "0.25".
[0099] Returning to FIG. 1, the description of abnor-
mality detection device 1 will continue.
[0100] On the basis of the abnormality degree of de-
tection target packet stream 20 that has been calculated
by information calculator 27, determiner 28 determines
whether or not detection target packet stream 20 is ab-
normal. Subsequently, determiner 28 outputs the deter-
mination result to the outside of determiner 28. For ex-
ample, determiner 28 may store a threshold value, and
when the abnormality degree of detection target packet
stream 20 is greater than or equal to the threshold value,
determiner 28 may determine that detection target packet
stream 20 is abnormal, and when the abnormality degree
of detection target packet stream 20 is less than the
threshold value, determiner 28 may determine that de-
tection target packet stream 20 is not abnormal. Further-
more, determiner 28 may store, for each profile that is
subject to the determination of first profile determiner 11
and second file profile determiner 21, a threshold value
that is a mutually independent value, and may perform
the above determination using the threshold value cor-
responding to the profile of a detection target packet ex-
tracted from detection target packet stream 20.

[1-2. Operations]

[0101] Abnormality detection device 1 having the
above configuration performs the first reference feature
amount extraction process and the first abnormality de-
tection process. These processes will be described be-
low with reference to the drawings.
[0102] First, the first reference feature amount extrac-
tion process will be described.
[0103] The first reference feature amount extraction
process is a process of extracting a reference feature
amount from reference packet stream group 10. For ex-
ample, when a user of abnormality detection device 1

operates abnormality detection device 1 to start the first
reference feature amount extraction process, the first ref-
erence feature amount extraction process starts.
[0104] FIG. 15 is a flowchart of the first reference fea-
ture amount extraction process.
[0105] When the first reference feature amount extrac-
tion process starts, first profile determiner 11 obtains ref-
erence packet stream group 10 (Step S5).
[0106] When first profile determiner 11 obtains refer-
ence packet stream group 10, first profile determiner 11
selects one unselected reference packet stream from
among reference packet streams included in reference
packet stream group 10 (Step S10). Here, the unselected
reference packet stream means a reference packet
stream that has not been selected in the past process in
Step S10 throughout the loop process from the process
in Step S10 to the YES process in Step S55 (described
later).
[0107] When first profile determiner 11 selects one un-
selected reference packet stream, first profile determiner
11 selects one unselected packet from among packets
included in the selected reference packet stream (Step
S15). Here, the unselected packet means a packet that
has not been selected in the past process in Step S15
throughout the loop process from the process in Step
S15 to the YES process in Step S35 (described later).
[0108] When first profile determiner 11 selects one
packet, first profile determiner 11 checks whether or not
the profile of the selected packet can be determined using
the stored profile information (Step S20).
[0109] When the profile of the selected packet can be
determined using the stored profile information in the
process in Step S20 (Step S20: YES), first profile deter-
miner 11 determines the profile of the selected packet
using the stored profile information (Step S30).
[0110] When the profile of the selected packet cannot
be determined using the stored profile information in the
process in Step S20 (Step S20: NO), first profile deter-
miner 11 specifies a protocol for the selected packet by
executing an application including a deep packet inspec-
tion function (Step S25). Subsequently, first profile de-
terminer 11 determines the profile of the selected packet
on the basis of the specified protocol (Step S30).
[0111] When first profile determiner 11 determines the
profile of the selected packet, first profile determiner 11
checks whether or not the packets included in the select-
ed reference packet stream include an unselected packet
(Step S35).
[0112] When there is an unselected packet in the proc-
ess in Step S35 (Step S35: YES), the first reference fea-
ture amount extraction process proceeds to the process
in Step S15.
[0113] When there is no unselected packet in the proc-
ess in Step S35 (Step S35: NO), first extractor 12 ex-
tracts, as packet data, a bit string stored in the payload
field of each packet the profile of which has been deter-
mined first profile determiner 11. Subsequently, first ex-
tractor 12 extracts a reference packet data stream made
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up of packet data having the same profile (Step S40).
Furthermore, reference packet data stream group stor-
age 13 stores the reference packet data stream extracted
by first extractor 12.
[0114] When the reference packet data stream is ex-
tracted, reference packet data distance calculator 14 cal-
culates a plurality of reference distances between a plu-
rality of reference packet data included in the reference
packet data stream (Step S45).
[0115] When the plurality of reference distances are
calculated, reference feature amount extractor 15 ex-
tracts, as a reference feature amount, the reference dis-
tance frequency distribution for each window from the
plurality of calculated reference distances (Step S50).
Subsequently, reference feature amount storage 16
stores the reference distance frequency distribution ex-
tracted by reference feature amount extractor 15 as the
reference feature amount.
[0116] When the reference distance frequency distri-
bution is extracted, first profile determiner 11 checks
whether or not obtained reference packet stream group
10 includes an unselected reference packet stream (Step
S55).
[0117] When there is an unselected reference packet
stream in the process in Step S55 (Step S55: YES), the
first reference feature amount extraction process returns
to the process in Step S10.
[0118] When there is no unselected reference packet
stream in the process in Step S55 (Step S55: NO), the
first reference feature amount extraction process ends.
[0119] Next, the first abnormality detection process will
be described.
[0120] The first abnormality detection process is a
process of detecting an abnormality in detection target
packet stream 20. For example, when a user of abnor-
mality detection device 1 operates abnormality detection
device 1 to start the first abnormality detection process,
the first abnormality detection process starts.
[0121] FIG. 16 is a flowchart of the first abnormality
detection process.
[0122] When the first abnormality detection process
starts, second profile determiner 21 obtains detection tar-
get packet stream 20 (Step S105).
[0123] When second profile determiner 21 obtains de-
tection target packet stream 20, second profile determin-
er 21 selects one unselected packet from among packets
included in detection target packet stream 20 obtained
(Step S115). Here, the unselected packet means a pack-
et that has not been selected in the past process in Step
S115 throughout the loop process from the process in
Step S115 to the YES process in Step S135 (described
later).
[0124] When second profile determiner 21 selects one
packet, second profile determiner 21 checks whether or
not the profile of the selected packet can be determined
using the stored profile information (Step S120).
[0125] When the profile of the selected packet can be
determined using the stored profile information in the

process in Step S120 (Step S120: YES), second profile
determiner 21 determines the profile of the selected
packet using the stored profile information (Step S130).
[0126] When the profile of the selected packet cannot
be determined using the stored profile information in the
process in Step S120 (Step S120: NO), second profile
determiner 21 specifies a protocol for the selected packet
by executing an application including a deep packet in-
spection function (Step S125). Subsequently, second
profile determiner 21 determines the profile of the select-
ed packet on the basis of the specified protocol (Step
S130).
[0127] When second profile determiner 21 determines
the profile of the selected packet, second profile deter-
miner 21 checks whether or not the packets included in
detection target packet stream 20 obtained include an
unselected packet (Step S135).
[0128] When there is an unselected packet in the proc-
ess in Step S135 (Step S135: YES), the first abnormality
detection process proceeds to the process in Step S115.
[0129] When there is no unselected packet in the proc-
ess in Step S135 (Step S135: NO), second extractor 22
extracts, as packet data, a bit string stored in the payload
field of each packet the profile of which has been deter-
mined second profile determiner 21. Subsequently, sec-
ond extractor 22 extracts a detection target packet data
stream made up of packet data having the same profile
(Step S140). Furthermore, detection target packet data
stream group storage 23 stores the detection target pack-
et data stream extracted by second extractor 22.
[0130] When the detection target packet data stream
is extracted, detection target packet data distance calcu-
lator 24 calculates a plurality of distances between a plu-
rality of detection target packet data included in the de-
tection target packet data stream (Step S145).
[0131] When the plurality of distances are calculated,
feature amount extractor 25 extracts, as a feature
amount, the distance frequency distribution for each win-
dow from the plurality of calculated distances (Step
S150). Subsequently, feature amount storage 26 stores
the distance frequency distribution extracted by feature
amount extractor 25 as the feature amount.
[0132] When the distance frequency distribution is ex-
tracted, information calculator 27 calculates the earth
mover’s distance between each extracted distance fre-
quency distribution and a corresponding one of the ref-
erence distance frequency distributions stored in refer-
ence feature amount storage 16 as the reference feature
amount (Step S155), and calculates an abnormality de-
gree, which indicates the degree of abnormality in detec-
tion target packet stream 20, using a k-nearest neighbor
method in which the calculated earth mover’s distance
is used (Step S160).
[0133] When the abnormality degree is calculated, de-
termined 28 checks whether or not the calculated abnor-
mality degree is greater than or equal to the stored thresh-
old value (Step S165).
[0134] When the calculated abnormality degree is
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greater than or equal to the stored threshold value in the
process in Step S165 (Step S165: YES), determiner 28
determines that detection target packet stream 20 is ab-
normal (Step S170), and outputs, to the outside of deter-
miner 28, a signal indicating that detection target packet
stream 20 is abnormal.
[0135] When the calculated abnormality degree is not
greater than or equal to the stored threshold value in the
process in Step S165 (Step S165: NO), determiner 28
determines that detection target packet stream 20 is not
abnormal (Step S175), and outputs, to the outside of de-
terminer 28, a signal indicating that detection target pack-
et stream 20 is not abnormal.
[0136] When the process in Step S170 ends and when
the process in Step S175 ends, the first abnormality de-
tection process ends.

[1-3. Review]

[0137] Abnormality detection device 1 having the
above-described configuration performs the first refer-
ence feature amount extraction process and thus ex-
tracts, as the reference feature amount, a feature of the
context of a normal packet stream from reference packet
stream group 10 made up of normal packet streams, and
stores the reference feature amount. Subsequently, ab-
normality detection device 1 performs the first abnormal-
ity detection process and thus extracts a feature of the
context of detection target packet stream 20 as the fea-
ture amount from detection target packet stream 20, cal-
culates an abnormality degree indicating the degree of
deviation of the extracted feature amount from the stored
reference feature amount, and determines, on the basis
of the calculated abnormality degree, whether or not de-
tection target packet stream 20 is abnormal. Thus, an
abnormality in detection target packet stream 20 can be
detected using abnormality detection device 1.

EMBODIMENT 2

[0138] The following describes an abnormality detec-
tion device according to Embodiment 2, the configuration
of which is partially different from that of abnormality de-
tection device 1 according to Embodiment 1.

[2-1. Configuration]

[0139] FIG. 17 is a block diagram illustrating the con-
figuration of abnormality detection device 1A according
to Embodiment 2. Hereinafter, structural elements of ab-
normality detection device 1A that are substantially the
same as those of abnormality detection device 1 accord-
ing to Embodiment 1 will be assigned the same reference
marks and detailed explanations thereof will be omitted
assuming that the explanations have already been pro-
vided, and the description will focus on the points of dif-
ference from abnormality detection device 1.
[0140] As illustrated in FIG. 17, abnormality detection

device 1A is configured by changing abnormality detec-
tion device 1, specifically, by changing reference feature
amount extractor 15 into reference feature amount ex-
tractor 15A, changing reference feature amount storage
16 into reference feature amount storage 16A, changing
feature amount extractor 25 into feature amount extractor
25A, changing feature amount storage 26 into feature
amount storage 26A, changing information calculator 27
into information calculator 27A, and changing determiner
28 into determiner 28A.
[0141] For each reference packet data stream stored
in reference packet data stream group storage 13, refer-
ence feature amount extractor 15A extracts a reference
feature amount using a corresponding one of the plurality
of reference distances calculated by reference packet
data distance calculator 14. More specifically, for each
reference packet data stream stored in reference packet
data stream group storage 13, reference feature amount
extractor 15A calculates a reference distance stream
made up of a plurality of reference distances calculated
for pairs of reference packet data belonging to each of
one or more windows made up of W consecutive refer-
ence packet data (W is an integer greater than or equal
to 2), and extracts each calculated reference distance
stream as a reference feature amount.
[0142] Reference feature amount storage 16A stores
the reference feature amounts extracted by reference
feature amount extractor 15A.
[0143] For the detection target packet data stream
stored in detection target packet data stream storage 23,
feature amount extractor 25A extracts a feature amount
using the plurality of distances calculated by detection
target packet data distance calculator 24. More specifi-
cally, for the detection target packet data stream stored
in detection target packet data stream storage 23, feature
amount extractor 25A calculates a distance stream made
up of a plurality of distances calculated for pairs of de-
tection target packets belonging to each of one or more
windows made up of W consecutive detection target
packet data (W is an integer greater than or equal to 2),
and extracts the calculated distance stream as a feature
amount.
[0144] Feature amount storage 26A stores the feature
amounts extracted by feature amount extractor 25A.
[0145] Information calculator 27A calculates a dis-
tance that is set by a warping (dynamic time warping)
method (hereinafter also referred to as a "dynamic time
warping distance" or a "DTW distance") between each
of the reference distance streams stored in reference fea-
ture amount storage 16A as the reference feature amount
and each of the distance streams stored in feature
amount storage 26A as the feature amount, and calcu-
lates an abnormality degree, which indicates the degree
of abnormality in detection target packet stream 20, using
the calculated dynamic time warping distance.
[0146] The dynamic time warping distance is a dis-
tance that can be set between two time-series data (here,
between the reference distance stream and the distance
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stream). The dynamic time warping distance is defined
as the sum of the distances in a path having the smallest
sum of elements thereon among paths in which, when
there are two time-series data x and y (the number of
elements in x is n where n is an integer greater than or
equal to 2 and the number of elements in y is m where
m is an integer greater than or equal to 2), in a matrix
where a (i, j) element indicates the distance between xi
and yj, the movement from the (i, j) element to any of
elements (i+1, j), (i, j+1), and (i+1, j+1) is repeated to
reach a (n, m) element, in such a manner as to satisfy
the constraint that the number of row elements is less
than or equal to n and the number of column elements
is less than or equal to m.
[0147] FIG. 18 is a schematic diagram illustrating one
example where information calculator 27A calculates the
dynamic time warping distance between a reference dis-
tance stream made up of time-series data "2", "5", "4",
and "2" and a distance stream made up of time-series
data "2", "2", "5", and "1".
[0148] Information calculator 27A calculates a dis-
tance matrix in FIG. 18 that is made up of distances (dif-
ferences) of values at respective points in time between
the reference distance stream and the distance stream.
Subsequently, information calculator 27A determines, by
calculation, that in the calculated distance matrix, the
sum of distances "0", "0", "0", "1", and "1", that is, "2", in
the path of sequential movement of "one cell down", "one
cell down", "diagonally one cell down to the right", "one
cell to the right", and "diagonally one cell down to the
right" from the upper left distance position is smallest
among the sums of distances in all paths of movement.
Furthermore, information calculator 27A calculates "2"
as the dynamic time warping distance between the ref-
erence distance stream made up of time-series data "2",
"5", "4", and "2" and a distance stream made up of time-
series data "2", "2", "5", and "1".
[0149] Using the above-described dynamic time warp-
ing distance calculation method, information calculator
27A calculates the dynamic time warping distance be-
tween each of the reference distance streams stored in
reference feature amount storage 16A and each of the
distance streams stored in feature amount storage 26A,
and calculates the largest value of the calculated dynam-
ic time warping distances as the abnormality degree of
detection target packet stream 20.
[0150] On the basis of the abnormality degree of de-
tection target packet stream 20 that has been calculated
by information calculator 27A, determiner 28A deter-
mines whether or not detection target packet stream 20
is abnormal. Subsequently, determiner 28A outputs the
determination result to the outside of determiner 28A.
For example, determiner 28A may store a threshold val-
ue, and when the abnormality degree of detection target
packet stream 20 is greater than or equal to the threshold
value, determiner 28A may determine that detection tar-
get packet stream 20 is abnormal, and when the abnor-
mality degree of detection target packet stream 20 is less

than the threshold value, determiner 28A may determine
that detection target packet stream 20 is not abnormal.
Furthermore, determiner 28A may store, for each profile
that is subject to the determination of first profile deter-
miner 11 and second file profile determiner 21, a thresh-
old value that is a mutually independent value, and may
perform the above determination using the threshold val-
ue corresponding to the profile of a detection target pack-
et extracted from detection target packet stream 20.

[2-2. Operations]

[0151] Abnormality detection device 1A having the
above configuration performs the second reference fea-
ture amount extraction process the content of which is
partially different from that of the first reference feature
amount extraction process according to Embodiment 1
and the second abnormality detection process the con-
tent of which is partially different from that of the first
abnormality detection process according to Embodiment
1. These processes will be described below with refer-
ence to the drawings.
[0152] First, the second reference feature amount ex-
traction process will be described.
[0153] FIG. 19 is a flowchart of the second reference
feature amount extraction process.
[0154] Among the processes illustrated in FIG. 19, the
process in Step S205 to the process in Step S245 and
the process in Step S255 are substantially the same as
the process in Step S5 to the process in Step S45 and
the process in Step S55 (refer to FIG. 15, etc.) in the first
reference feature amount extraction process according
to Embodiment 1, respectively. Therefore, detailed ex-
planations of the process in Step S205 to the process in
Step S245 and the process in Step S255 will be omitted
assuming that the explanations have already been pro-
vided, and the description will focus on the process in
Step S250.
[0155] When a plurality of reference distances are cal-
culated in the process in Step S245, reference feature
amount extractor 15A extracts, as a reference feature
amount, a reference distance stream made up of the plu-
rality of calculated reference distances for each window
(Step S250). Subsequently, reference feature amount
storage 16A stores the reference distance stream ex-
tracted by reference feature amount extractor 15A as the
reference feature amount.
[0156] When the process in Step S250 ends, the sec-
ond reference feature amount extraction process pro-
ceeds to the process in Step S255.
[0157] Next, the second abnormality detection process
will be described.
[0158] FIG. 20 is a flowchart of the second abnormality
detection process.
[0159] Among the processes illustrated in FIG. 20, the
process in Step S305 to the process in Step S345 are
substantially the same as the process in Step S105 to
the process in Step S145 in the first abnormality detection
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process according to Embodiment 1, respectively. The
process in Step S365 to the process in Step S375 are
substantially the same as processes resulting from re-
placing determiner 28 by determiner 28A in the process
in Step S165 to the process in Step S175 in the first ab-
normality detection process according to Embodiment 1.
Therefore, detailed explanations of the process in Step
S305 to the process in Step S345 and the process in
Step S365 to the process in Step S375 will be omitted
assuming that the explanations have already been pro-
vided, and the description will focus on the process in
Step S350 to the process in Step S355.
[0160] When a plurality of distances are calculated in
the process in Step S345, feature amount extractor 25A
extracts, as a feature amount, a distance stream made
up of the plurality of calculated distances for each window
(Step S350). Subsequently, feature amount storage 26A
stores the distance stream extracted by feature amount
extractor 25A as the feature amount.
[0161] When the distance stream is extracted, infor-
mation calculator 27A calculates a dynamic time warping
distance between each of the extracted distance streams
and a corresponding one of the reference distance
streams stored in reference feature amount storage 16A
as the reference feature amount, and calculates an ab-
normality degree, which indicates the degree of abnor-
mality in detection target packet stream 20, using the
dynamic time warping distance (Step S355).
[0162] When the process in Step S355 ends, the sec-
ond reference abnormality detection process proceeds
to the process in Step S365.

[2-3. Review]

[0163] Abnormality detection device 1A having the
above-described configuration performs the second ref-
erence feature amount extraction process and thus ex-
tracts, as the reference feature amount, a feature of the
context of a normal packet stream from reference packet
stream group 10 made up of normal packet streams, and
stores the reference feature amount. Subsequently, ab-
normality detection device 1A performs the second ab-
normality detection process and thus extracts a feature
of the context of detection target packet stream 20 as the
feature amount from detection target packet stream 20,
calculates an abnormality degree indicating the degree
of deviation of the extracted feature amount from the
stored reference feature amount, and determines, on the
basis of the calculated abnormality degree, whether or
not detection target packet stream 20 is abnormal. Thus,
an abnormality in detection target packet stream 20 can
be detected using abnormality detection device 1A, as
with abnormality detection device 1 according to Embod-
iment 1.

EMBODIMENT 3

[0164] The following describes an abnormality detec-

tion device according to Embodiment 3, the configuration
of which is partially different from that of abnormality de-
tection device 1A according to Embodiment 2.

[3-1. Configuration]

[0165] FIG. 21 is a block diagram illustrating the con-
figuration of abnormality detection device 1B according
to Embodiment 3. Hereinafter, structural elements of ab-
normality detection device 1B that are substantially the
same as those of abnormality detection device 1A ac-
cording to Embodiment 2 will be assigned the same ref-
erence marks and detailed explanations thereof will be
omitted assuming that the explanations have already
been provided, and the description will focus on the points
of difference from abnormality detection device 1A.
[0166] As illustrated in FIG. 20, abnormality detection
device 1B is configured by changing abnormality detec-
tion device 1A, specifically, by changing information cal-
culator 27A into information calculator 27B, changing de-
terminer 28A into determiner 28B, and adding kernel cal-
culator 31 and kernel storage 32.
[0167] Kernel calculator 31 calculates a global align-
ment kernel (refer to NPL 3) using each reference dis-
tance stream stored in reference feature amount storage
16A as the reference feature amount. For example, ker-
nel calculator 31 may calculate the global alignment ker-
nel by applying unsupervised learning to a one-class sup-
port vector machine (SVM), which is a machine-learning
model, using each reference distance stream stored in
reference feature amount storage 16A.
[0168] Kernel storage 32 stores the global alignment
kernel calculated by kernel calculator 31.
[0169] Information calculator 27B calculates an outlier
for each distance stream stored in feature amount stor-
age 26A as the feature amount by applying, to the dis-
tance stream, the global alignment kernel stored in kernel
storage 32, and calculates the largest value of the cal-
culated outliers as the abnormality degree of detection
target packet stream 20.
[0170] On the basis of the abnormality degree of de-
tection target packet stream 20 that has been calculated
by information calculator 27B, determiner 28B deter-
mines whether or not detection target packet stream 20
is abnormal. Subsequently, determiner 28B outputs the
determination result to the outside of determiner 28B.
For example, determiner 28B may store a threshold val-
ue, and when the abnormality degree of detection target
packet stream 20 is greater than or equal to the threshold
value, determiner 28B may determine that detection tar-
get packet stream 20 is abnormal, and when the abnor-
mality degree of detection target packet stream 20 is less
than the threshold value, determiner 28B may determine
that detection target packet stream 20 is not abnormal.
Furthermore, determiner 28B may store, for each profile
that is subject to the determination of first profile deter-
miner 11 and second file profile determiner 21, a thresh-
old value that is a mutually independent value, and may
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perform the above determination using the threshold val-
ue corresponding to the profile of a detection target pack-
et extracted from detection target packet stream 20.

[3-2. Operations]

[0171] Abnormality detection device 1B having the
above configuration performs the third reference feature
amount extraction process the content of which is par-
tially different from that of the second reference feature
amount extraction process according to Embodiment 2
and the third abnormality detection process the content
of which is partially different from that of the second ab-
normality detection process according to Embodiment 2.
These processes will be described below with reference
to the drawings.
[0172] First, the third reference feature amount extrac-
tion process will be described.
[0173] FIG. 22 is a flowchart of the third reference fea-
ture amount extraction process.
[0174] Among the processes illustrated in FIG. 22, the
process in Step S405 to the process in Step S455 are
substantially the same as the process in Step S205 to
the process in Step S255 (refer to FIG. 19, etc.) in the
second reference feature amount extraction process ac-
cording to Embodiment 2, respectively. Therefore, de-
tailed explanations of these processes will be omitted
assuming that the explanations have already been pro-
vided, and the description will focus on the process in
Step S460.
[0175] When there is no unselected reference packet
stream in the process in Step S455 (Step S455: NO),
kernel calculator 31 calculates a global alignment kernel
using each reference distance stream stored in reference
feature amount storage 16A as the reference feature
amount (Step S460). Subsequently, kernel storage 32
stores the global alignment kernel calculated by kernel
calculator 31.
[0176] When the process in Step S460 ends, the third
reference feature amount extraction process ends.
[0177] Next, the third abnormality detection process
will be described.
[0178] FIG. 23 is a flowchart of the third abnormality
detection process.
[0179] Among the processes illustrated in FIG. 23, the
process in Step S505 to the process in Step S550 are
substantially the same as the process in Step S305 to
the process in Step S350 in the second abnormality de-
tection process according to Embodiment 2, respective-
ly. The process in Step S565 to the process in Step S575
are substantially the same as processes resulting from
replacing determiner 28A by determiner 28B in the proc-
ess in Step S365 to the process in Step S375 in the sec-
ond abnormality detection process according to Embod-
iment 2. Therefore, detailed explanations of the process
in Step S505 to the process in Step S550 and the process
in Step S565 to the process in Step S575 will be omitted
assuming that the explanations have already been pro-

vided, and the description will focus on the process in
Step S555.
[0180] When the distance stream is extracted as the
feature amount in the process in Step 550, information
calculator 27B calculates an outlier for each extracted
distance stream by applying, to the distance stream, the
global alignment kernel stored in kernel storage 32, and
calculates the largest value of the calculated outliers as
the abnormality degree of detection target packet stream
20.
[0181] When the process in Step S555 ends, the third
reference abnormality detection process proceeds to the
process in Step S565.

[3-3. Review]

[0182] Abnormality detection device 1B having the
above-described configuration performs the third refer-
ence feature amount extraction process and thus ex-
tracts, as the reference feature amount, a feature of the
context of a normal packet stream from reference packet
stream group 10 made up of normal packet streams, and
stores the reference feature amount. Subsequently, ab-
normality detection device 1B performs the third abnor-
mality detection process and thus extracts a feature of
the context of detection target packet stream 20 as the
feature amount from detection target packet stream 20,
calculates an abnormality degree indicating the degree
of deviation of the extracted feature amount from the
stored reference feature amount, and determines, on the
basis of the calculated abnormality degree, whether or
not detection target packet stream 20 is abnormal. Thus,
an abnormality in detection target packet stream 20 can
be detected using abnormality detection device 1B, as
with abnormality detection device 1 according to Embod-
iment 1 and abnormality detection device 1A according
to Embodiment 2.

(Additional Comments)

[0183] As described above, Embodiments 1 to 3 are
presented as exemplifications of the technique disclosed
in the present application. However, the technique in the
present disclosure is not limited to these embodiments,
and is also applicable to an embodiment obtained by car-
rying out modification, substitution, addition, omission,
etc., as necessary.
[0184] Examples of a variation of the present disclo-
sure include the following.

(1) Embodiment 1 describes an example in which
reference packet data distance calculator 14 is con-
figured to calculate, for each pair of reference pack-
ets that are N packets apart from each other, the
plurality of reference distances between the plurality
of reference packet data included in the reference
packet data stream. Regarding this feature, as an-
other configuration example, reference packet data
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distance calculator 14 may further calculate, for each
pair of reference packets that are L packets apart
from each other (L is an integer greater than or equal
to 1 and different from N), a plurality of reference
distances between a plurality of reference packet da-
ta included in a reference packet data stream. In this
case, detection target packet data distance calcula-
tor 24 is configured to calculate a distance using an
algorithm that is substantially the same as that used
by reference packet data distance calculator 14 in
the above other configuration example, specifically,
further configured to calculate, for each pair of ref-
erence packets that are L packets apart from each
other, a plurality of reference distances between a
plurality of detection target packet data included in
a detection target packet data stream.
(2) Embodiment 1 describes an example in which
abnormality detection device 1 is configured so that
determiner 29 determines whether or not detection
target packet stream 20 is abnormal, and outputs
the determination result to the outside of determiner
29. Regarding this feature, as another configuration
example, abnormality detection device 1 may be
configured so that information calculator 27 calcu-
lates an abnormality degree indicating the degree of
abnormality in detection target packet stream 20,
and outputs the calculated abnormality degree to the
outside of information calculator 27. In this case, ab-
normality detection device 1 may be configured to
not include determiner 29.
(3) Embodiment 1 describes an example in which
abnormality detection device 1 is configured to per-
form the first reference feature amount extraction
process and thus extract a reference feature amount
and store the extracted reference feature amount in
reference feature amount extractor 15. Regarding
this feature, as another configuration example, ab-
normality detection device 1 may obtain, to the out-
side thereof, the reference feature amount extracted
by an external device or the like, and store the ob-
tained reference feature amount in reference feature
amount storage 16 in advance. In this case, abnor-
mality detection device 1 does not need to perform
the first reference feature amount extraction process
and may be configured to not include first profile de-
terminer 11, first extractor 12, reference packet data
stream group storage 13, reference packet data dis-
tance calculator 14, or reference feature amount ex-
tractor 15. As yet another configuration example, ab-
normality detection device 1 may be manufactured
in the state where the reference feature amount is
stored in reference feature amount storage 16 in ad-
vance. In this case, abnormality detection device 1
does not need to perform the first reference feature
amount extraction process and may be configured
to not include first profile determiner 11, first extractor
12, reference packet data stream group storage 13,
reference packet data distance calculator 14, or ref-

erence feature amount extractor 15.
(4) Embodiment 3 describes an example in which
abnormality detection device 1B is configured to per-
form the third reference feature amount extraction
process and thus calculate a global alignment kernel
and store the calculated global alignment kernel in
kernel storage 32. Regarding this feature, as another
configuration example, abnormality detection device
1B may be configured to obtain, from the outside
thereof, the global alignment kernel extracted by an
external device or the like, and store the obtained
global alignment kernel in kernel storage 32 in ad-
vance. In this case, abnormality detection device 1B
does not need to perform the third reference feature
amount extraction process and may be configured
to not include first profile determiner 11, first extractor
12, reference packet data stream group storage 13,
reference packet data distance calculator 14, refer-
ence feature amount extractor 15A, reference fea-
ture amount storage 16A, or kernel calculator 31. As
yet another configuration example, abnormality de-
tection device 1B may be manufactured in the state
where the global alignment kernel is stored in kernel
storage 32 in advance. In this case, abnormality de-
tection device 1B does not need to perform the third
reference feature amount extraction process and
may be configured to not include first profile deter-
miner 11, first extractor 12, reference packet data
stream group storage 13, reference packet data dis-
tance calculator 14, reference feature amount ex-
tractor 15A, reference feature amount storage 16A,
or kernel calculator 31.
(5) Embodiment 3 describes an example in which
abnormality detection device 1B is configured so that
information calculator 27B calculates an outlier for
each distance stream stored as a feature amount,
by applying, to the distance stream, the global align-
ment kernel stored in kernel storage 32, and calcu-
lates the largest value of the calculated outliers as
the abnormality degree of detection target packet
stream 20. Regarding this feature, as another con-
figuration example, abnormality detection device 1B
may be configured so that information calculator 27B
calculates, for each distance stream, an outlier indi-
cating a binary value of whether or not there is an
abnormality, and when the calculated outliers in-
clude an outlier indicating that there is an abnormal-
ity, outputs, to the outside of information calculator
27B, a signal indicating that detection target packet
stream 20 is abnormal. In this case, abnormality de-
tection device 1B may be configured to not include
determiner 28B.
(6) In Embodiment 1, each structural element in ab-
normality detection device 1 may be individually con-
figured into a single chip, or some or all of the struc-
tural elements may be configured into a single chip,
using a semiconductor device such as an integrated
circuit (IC) and a large scale integrated circuit (LSI).
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Furthermore, the method of circuit integration is not
limited to LSIs, and implementation through a dedi-
cated circuit or a general-purpose processor is also
possible. A field programmable gate array (FPGA)
which allows programming after LSI manufacturing
or a reconfigurable processor which allows reconfig-
uration of the connections and settings of the circuit
cells inside the LSI may also be used. In addition,
depending on the emergence of circuit integration
technology that replaces the LSI due to progress in
semiconductor technology or other derivative tech-
nology, it is obvious that such technology may be
used to integrate the function blocks. Possibilities in
this regard include the application of biotechnology
and the like.

INDUSTRIAL APPLICABILITY

[0185] The present disclosure can be widely applicable
in systems that use packets.

REFERENCE MARKS IN THE DRAWINGS

[0186]

1, 1A, 1B abnormality detection device
10 reference packet stream group
11 first profile determiner
12 first extractor
13 reference packet data stream group

storage
14 reference packet data distance calcula-

tor
15, 15A reference feature amount extractor
16, 16A reference feature amount storage
20 detection target packet stream
21 second profile determiner
22 second extractor
23 detection target packet data stream

storage
24 detection target packet data distance

calculator
25, 25A feature amount extractor
26, 26A feature amount storage
27, 27A, 27B information calculator
28, 28A, 28B determiner

Claims

1. An abnormality detection method, comprising:

calculating, for a detection target packet stream
made up of a plurality of detection target packets
that are consecutive, a plurality of distances be-
tween the plurality of detection target packets;
extracting a feature amount of the detection tar-
get packet stream using the plurality of distances

calculated; and
calculating information about a degree of abnor-
mality in the detection target packet stream us-
ing the feature amount extracted.

2. The abnormality detection method according to
claim 1, wherein
in the calculating of the plurality of distances, a Lev-
enshtein distance between payloads of the plurality
of detection target packets is used to calculate the
plurality of distances.

3. The abnormality detection method according to
claim 2, wherein

the Levenshtein distance between the payloads
of the plurality of detection target packets is cal-
culated for each pair of detection target packets
that are N packets apart from each other in the
detection target packet stream, and the calcu-
lation is applied in units of M bits to at least a
portion of bit strings included in the payloads, N
being an integer greater than or equal to 1, M
being an integer between 1 and 16, inclusive,
and
in the calculating of the plurality of distances, a
distance for each pair of detection target packets
that are N packets apart from each other in the
detection target packet stream is calculated to
calculate the plurality of distances.

4. The abnormality detection method according to
claim 3, wherein

the Levenshtein distance between the payloads
of the plurality of detection target packets is fur-
ther calculated for each pair of detection target
packets that are L packets apart from each other
in the detection target packet stream, L being
an integer greater than or equal to 1 and different
from N, and
in the calculating of the plurality of distances, a
distance for each pair of detection target packets
that are L packets apart from each other in the
detection target packet stream is calculated to
calculate the plurality of distances.

5. The abnormality detection method according to
claim 3 or 4, wherein
in the extracting of the feature amount, for each of
one or more windows made up of W consecutive
detection target packets in the detection target pack-
et stream, a frequency distribution of the plurality of
distances calculated for pairs of detection target
packets belonging to the window is calculated, and
the frequency distribution calculated is extracted as
the feature amount, W being an integer greater than
or equal to 2.
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6. The abnormality detection method according to
claim 5, wherein
in the calculating of the information about the degree
of abnormality, an earth mover’s distance between
the frequency distribution calculated and each of a
plurality of reference frequency distributions stored
in advance is calculated, and a k-nearest neighbor
method in which the earth mover’s distance calcu-
lated is used is used to calculate the information
about the degree of abnormality.

7. The abnormality detection method according to
claim 3 or 4, wherein
in the extracting of the feature amount, for each of
one or more windows made up of W consecutive
detection target packets in the detection target pack-
et stream, a distance stream made up of the plurality
of distances calculated for pairs of detection target
packets belonging to the window is calculated, and
the distance stream calculated is extracted as the
feature amount, W being an integer greater than or
equal to 1.

8. The abnormality detection method according to
claim 7, wherein
in the calculating of the information about the degree
of abnormality, a warping-based distance between
the distance stream calculated and each of a plurality
of reference distance streams stored in advance is
calculated, and the warping-based distance calcu-
lated is used to calculate the information about the
degree of abnormality.

9. The abnormality detection method according to
claim 7, wherein
in the calculating of the information about the degree
of abnormality, a global alignment kernel stored in
advance is applied to the distance stream calculated,
to calculate the information about the degree of ab-
normality.

10. The abnormality detection method according to any
one of claims 1 to 9, wherein
in the calculating of the plurality of distances, a plu-
rality of distances between limited pairs of the plu-
rality of detection target packets are calculated, the
limited pairs being detection target packets of an
identical command type.

11. The abnormality detection method according to any
one of claims 1 to 10, further comprising:

calculating, for each of one or more reference
packet streams made up of a plurality of refer-
ence packets that are consecutive, each of a
plurality of reference distances between the plu-
rality of reference packets; and
extracting a reference feature amount of each

of the one or more reference packet streams
using a corresponding one of the plurality of ref-
erence distances calculated, wherein
in the calculating of the information about the
degree of abnormality in the detection target
packet stream, the reference feature amount ex-
tracted is additionally used to calculate the in-
formation about the degree of abnormality in the
detection target packet stream.

12. The abnormality detection method according to
claim 11, wherein
in the calculating of each of the plurality of reference
distances, a Levenshtein distance between pay-
loads of the plurality of reference packets is used to
calculate each of the plurality of reference distances.

13. The abnormality detection method according to
claim 12, wherein

the Levenshtein distance between the payloads
of the plurality of reference packets is calculated
for each pair of reference packets that are N
packets apart from each other in each of the one
or more reference packet streams, and the cal-
culation is applied in units of M bits to at least a
portion of bit strings included in the payloads, N
being an integer greater than or equal to 1, M
being an integer between 1 and 16, inclusive,
and
in the calculating of each of the plurality of ref-
erence distances, a reference distance for each
pair of reference packets that are N packets
apart from each other in each of the one or more
reference packet streams is calculated to calcu-
late each of the plurality of reference distances.

14. The abnormality detection method according to
claim 13, wherein

the Levenshtein distance between the payloads
of the plurality of reference packets is further
calculated for each pair of detection target pack-
ets that are L packets apart from each other in
each of the one or more reference packet
streams, L being an integer greater than or equal
to 1 and different from N, and
in the calculating of each of the plurality of ref-
erence distances, a reference distance for each
pair of reference packets that are L packets
apart from each other in each of the one or more
reference packet streams is further calculated
to calculate each of the plurality of reference dis-
tances.

15. The abnormality detection method according to
claim 6, further comprising:
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calculating, for each of one or more reference
packet streams made up of a plurality of refer-
ence packets that are consecutive, each of a
plurality of reference distances between the plu-
rality of reference packets; and
extracting, using each of the plurality of refer-
ence distances calculated, a reference feature
amount of a corresponding one of the one or
more reference packet streams, wherein
in the calculating of each of the plurality of ref-
erence distances, a Levenshtein distance be-
tween payloads of the plurality of reference
packets is used to calculate each of the plurality
of reference distances,
the Levenshtein distance between the payloads
of the plurality of reference packets is calculated
for each pair of reference packets that are N
packets apart from each other in each of the one
or more reference packet streams, and the cal-
culation is applied in units of M bits to at least a
portion of bit strings included in the payloads, N
being an integer greater than or equal to 1, M
being an integer between 1 and 16, inclusive,
and
in the extracting of the reference feature amount
of each of the one or more reference packet
streams, for each of one or more windows made
up of W consecutive reference packets in each
of the one or more reference packet streams, a
frequency distribution of the plurality of refer-
ence distances calculated for pairs of reference
packets belonging to the window is calculated,
the frequency distribution of the plurality of ref-
erence distances calculated is extracted as the
reference feature amount of the reference pack-
et stream, and the reference feature amount of
the reference packet stream that has been ex-
tracted is stored as a corresponding one of the
plurality of reference frequency distributions
stored in advance, W being an integer greater
than or equal to 2.

16. The abnormality detection method according to
claim 8, further comprising:

calculating, for each of one or more reference
packet streams made up of a plurality of refer-
ence packets that are consecutive, each of a
plurality of reference distances between the plu-
rality of reference packets; and
extracting a reference feature amount of each
of the one or more reference packet streams
using a corresponding one of the plurality of ref-
erence distances calculated, wherein
in the calculating of each of the plurality of ref-
erence distances, a Levenshtein distance be-
tween payloads of the plurality of reference
packets is used to calculate each of the plurality

of reference distances,
the Levenshtein distance between the payloads
of the plurality of reference packets is calculated
for each pair of reference packets that are N
packets apart from each other in each of the one
or more reference packet streams, and the cal-
culation is applied in units of M bits to at least a
portion of bit strings included in the payloads, N
being an integer greater than or equal to 1, M
being an integer between 1 and 16, inclusive,
in the extracting of the reference feature amount
of each of the one or more reference packet
streams, for each of one or more windows made
up of W consecutive reference packets in each
of the one or more reference packet streams, a
reference distance stream made up of the plu-
rality of reference distances calculated for pairs
of reference packets belonging to the window is
calculated, and the reference distance stream
calculated is extracted as the reference feature
amount of the reference packet stream, W being
an integer greater than or equal to 2, and
the reference feature amount of the reference
packet stream that has been extracted is stored
as one of the plurality of reference distance
streams stored in advance.

17. The abnormality detection method according to
claim 9, further comprising:

calculating, for each of one or more reference
packet streams made up of a plurality of refer-
ence packets that are consecutive, each of a
plurality of reference distances between the plu-
rality of reference packets; and
extracting a reference feature amount of each
of the one or more reference packet streams
using a corresponding one of the plurality of ref-
erence distances calculated, wherein
in the calculating of each of the plurality of ref-
erence distances, a Levenshtein distance be-
tween payloads of the plurality of reference
packets is used to calculate each of the plurality
of reference distances,
the Levenshtein distance between the payloads
of the plurality of reference packets is calculated
for each pair of reference packets that are N
packets apart from each other in each of the one
or more reference packet streams, and the cal-
culation is applied in units of M bits to at least a
portion of bit strings included in the payloads, N
being an integer greater than or equal to 1, M
being an integer between 1 and 16, inclusive,
in the extracting of the reference feature amount
of each of the one or more reference packet
streams, for each of one or more windows made
up of W consecutive reference packets in each
of the one or more reference packet streams, a
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reference distance stream made up of the plu-
rality of reference distances calculated for pairs
of reference packets belonging to the window is
calculated, and the reference distance stream
calculated is extracted as the reference feature
amount of the reference packet stream, W being
an integer greater than or equal to 2, and
a global alignment kernel is calculated using the
reference feature amount of the reference pack-
et stream that has been extracted, and the global
alignment kernel calculated is stored as the glo-
bal alignment kernel stored in advance.

18. The abnormality detection method according to any
one of claims 11 to 17, wherein
in the calculating of each of the plurality of reference
distances, reference distances between limited pairs
of the plurality of reference packets are calculated,
the limited pairs being reference packets of an iden-
tical command type.

19. An abnormality detection device, comprising:

a detection target packet data distance calcula-
tor that calculates, for a detection target packet
stream made up of a plurality of detection target
packets that are consecutive, a plurality of dis-
tances between the plurality of detection target
packets;
a feature amount extractor that extracts a fea-
ture amount of the detection target packet
stream using the plurality of distances calculat-
ed; and
an information calculator that calculates infor-
mation about a degree of abnormality in the de-
tection target packet stream using the feature
amount extracted.

20. The abnormality detection device according to claim
19, further comprising:

a reference packet data distance calculator that
calculates, for each of one or more reference
packet streams made up of a plurality of refer-
ence packets that are consecutive, each of a
plurality of reference distances between the plu-
rality of reference packets; and
a reference feature amount extractor that ex-
tracts a reference feature amount of each of the
one or more reference packet streams using a
corresponding one of the plurality of reference
distances calculated, wherein
the information calculator additionally uses the
reference feature amount extracted, to calculate
the information about the degree of abnormality
in the detection target packet stream.
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