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1
DOWNLOADING SYSTEM MEMORY DATA
IN RESPONSE TO EVENT DETECTION

RELATED APPLICATIONS

The present application is a continuation application of
U.S. patent application Ser. No. 16/010,646 filed Jun. 18,
2018, the entire disclosure of which application is hereby
incorporated herein by reference.

This application is related to U.S. Non-Provisional appli-
cation Ser. No. 15/923,820, filed 16 Mar. 2018, entitled
“BLACK BOX DATA RECORDER FOR AUTONOMOUS
DRIVING VEHICLE,” by Gil Golov, the entire contents of
which application is incorporated by reference as if fully set
forth herein.

This application is also related to U.S. Non-Provisional
application Ser. No. 15/938,504, filed 28 Mar. 2018, entitled
“Black Box Data Recorder with Artificial Intelligence Pro-
cessor in Autonomous Driving Vehicle,” by Mondello et al.,
the entire contents of which application is incorporated by
reference as if fully set forth herein.

FIELD OF THE TECHNOLOGY

At least some embodiments disclosed herein relate to
detecting events associated with vehicles in general, and
more particularly, but not limited to, storing vehicle data in
response to detecting an event involving an autonomous
vehicle.

BACKGROUND

Autonomous vehicles typically include many sensors to
assist in controlling the autonomous vehicle. In the case of
an accident, collision, or near collision involving the
vehicle, there may be a benefit from reviewing the sensor
data recorded just prior to and/or during the accident to assist
in potentially determining the cause of the accident, and/or
whether there may have been a vehicle failure.

In the event of a power loss during the accident, vehicle
sensor data stored in a volatile memory may be lost. Also,
the sensor data collected from an autonomous vehicle is
most useful when the data is uncompressed.

Memory systems that store data include storage systems,
such as a solid-state drive (SSD), and can include one or
more memory components that store data. For example, a
memory system can include memory devices such as non-
volatile memory devices and volatile memory devices. In
general, a host system can utilize a memory system to store
data at the memory devices of the memory system and to
retrieve data stored at the memory system.

BRIEF DESCRIPTION OF THE DRAWINGS

The embodiments are illustrated by way of example and
not limitation in the figures of the accompanying drawings
in which like references indicate similar elements.

FIG. 1 illustrates a vehicle that collects data using sensors
during navigation, according to one embodiment.

FIG. 2 illustrates a system for downloading data in
response to detecting an event associated with a vehicle,
according to one embodiment.

FIG. 3 illustrates a system to analyze event data received
from a vehicle, according to one embodiment.

FIG. 4 shows an example of a vehicle configured using an
Artificial Neural Network (ANN) model, according to one
embodiment.
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FIG. 5 shows a method to download data from system
memory to non-volatile memory of a vehicle in response to
detecting an event, according to one embodiment.

FIG. 6 shows a method to download data from a volatile
memory device in response to detecting an event associated
with a vehicle, according to one embodiment.

FIG. 7 shows an autonomous vehicle controlled and/or
configured in response to an analysis of data downloaded
from system memory of a vehicle involved in a collision,
according to one embodiment.

FIG. 8 is a block diagram of an autonomous vehicle
including one or more various components and/or subsys-
tems, each of which can be updated in various embodiments
to configure the vehicle and/or perform other actions asso-
ciated with the vehicle.

FIG. 9 is a block diagram of a centralized autonomous
vehicle operations system, according to various embodi-
ments.

DETAILED DESCRIPTION

Currently, the technology supporting autonomous and
other vehicles continues to improve. Improvements in digi-
tal camera technology, light detection and ranging (LIDAR),
and other technologies have enabled vehicles to navigate
roadways independent of drivers or with limited assistance
from drivers. In some environments, such as factories,
autonomous vehicles operate without any human interven-
tion whatsoever.

While autonomous technology is primarily focused on
controlling the movement of vehicles in a traditional sense,
little emphasis has been placed on alternative applications
that may be implemented on top of these autonomous
systems. Indeed, application-level systems generally tend to
reinforce existing uses of autonomous systems. For
example, experimental uses of autonomous technology have
been utilized to perform functions such as returning vehicles
to a known location after delivering a passenger or perform-
ing refueling of vehicles while not utilized by passengers.

However, these approaches fail to fully utilize the hard-
ware and processing power being implemented in autono-
mous vehicles, or in other vehicles utilizing automated
driver assistance systems. Thus, there currently exists a need
in the state of the art of autonomous and other vehicles to
provide additional services leveraging the existing hardware
installed within such vehicles.

In particular, there is a technical problem of determining
a cause for an accident involving an autonomous vehicle. In
particular, this technical problem includes determining
whether failure or improper design of navigation and/or
other software that controls the vehicle is the cause of the
accident.

At least some embodiments disclosed herein relate to
storing data used by a vehicle prior to an accident (e.g.,
collision or near-collision). Storage of the data is necessary
so that the data can be analyzed after the accident. These
embodiments provide a technological solution to the above
technical problem by downloading data stored in system
memory in response to detecting an event (e.g., an accident
has just occurred). The data is analyzed to determine how the
software and vehicle operated during the event.

In one embodiment, the system memory data is down-
loaded to a non-volatile memory device. After downloading,
the data is removed from the non-volatile memory device
and, for example, analyzed by a server (e.g., a server in the
cloud).
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In one embodiment, analysis of the downloaded data from
the event is used to identify unsafe aspects or design of the
software that operates the vehicle. In response to this analy-
sis, control and/or configuration actions can be performed
for the vehicle. In some cases, the same or similar control
and/or configuration can be performed for other vehicles
(e.g., vehicles of the same type and/or using the same or
similar software).

In various embodiments, the vehicle can be, for example,
any of several types of autonomous vehicle (e.g., a car,
truck, aircraft, drone, watercraft, etc.). In one example, an
accident may involve a collision with an object (e.g., alien
objects that are unsafely positioned on a road). For example,
a tree may have unexpectedly fallen on a road due to a recent
storm, and the vehicle collides with the tree.

In various embodiments, the downloaded data can be
stored by any of several non-volatile memory systems of the
vehicle. An example of a memory system is a storage
system, such as a solid-state drive (SSD). In some embodi-
ments, the memory system is a hybrid memory/storage
system. In general, a vehicle can utilize a memory system
that includes one or more memory devices. The memory
devices can include media. The media can be non-volatile
memory devices, such as, for example, negative-and
(NAND). The vehicle (e.g., a host system mounted in the
vehicle) can provide write requests to store data at the
memory devices of the memory system and can provide read
requests to retrieve data stored at the memory system. A
memory system can include a controller that manages the
memory devices to perform operations such as reading data,
writing data, or erasing data and other such operations. A
storage system (also hereinafter referred to as storage
device) is one example of the memory system.

In one embodiment, an autonomous vehicle rapidly (e.g.,
in less than 5 seconds after detecting an event) stores all
volatile data being used by navigation software of the
vehicle at time of detecting a collision involving the vehicle.
The stored data is downloaded to a non-volatile memory
(NVM) (e.g., 3D XP or an NVDIMM), and is later be
analyzed to determine whether the navigation software is at
fault, or if there is another cause of the collision.

In one embodiment, a cloud service (sometimes referred
to as simply the cloud) is used to receive the downloaded
event data from the vehicle and then to analyze the data. For
example, when the automatic emergency braking system of
a vehicle is activated, event data (e.g., the location) of that
braking event is transmitted to, for example, a server or other
computing device in the cloud service. The location itself
may be determined, for example, based on location data
(e.g., geographic coordinates) provided from the vehicle
itself (e.g., by a GPS location system) and/or location data
otherwise associated with or known about the vehicle. In one
embodiment, the cloud searches for a pattern of emergency
braking based on the event data. This pattern may be used to
make a determination that the software operating the vehicle
is not working properly.

In one embodiment, event data received from a vehicle is
analyzed. For example, pattern recognition can be used on
the received event data. In one case, machine learning is
used to recognize patterns or regularities in data. In some
cases, a pattern recognition system can be trained from
labeled training data (e.g., supervised learning). In other
cases, when no labeled data is available, other algorithms
can be used to identify previously unknown patterns (e.g.,
unsupervised learning).

In one embodiment, an event occurring on the vehicle is
detected based on a measurement of a brake pedal in a
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vehicle. For example, the event may be identified based on
a foot pressure or extent of movement as compared to a
predetermined threshold. In another embodiment, an event is
identified based on a rate of deceleration of the vehicle. For
example, if a rate of deceleration exceeds a predetermined
threshold, then an event (e.g., a near collision) is identified.
In another example, the rate of deceleration is observed over
a predetermined time period (e.g., the rate is averaged over
the time period). In response to detecting this event, system
memory data is downloaded.

In one embodiment, in response to analyzing event data,
at least one action is performed. For example, a communi-
cation can be sent to a current vehicle (e.g., from which the
downloaded event data is obtained) to configure software of
the vehicle and/or disable one or more functions of the
vehicle or software.

In another embodiment, event data is received by a server
(e.g., a server of a cloud service) and stored. Data for each
event is, for example, received from other vehicles that have
previously experienced an event (e.g., the hardware of these
other vehicles is used to collect sensor and other data
regarding the braking event that occurred during travel). For
example, these other vehicles can be vehicles that have
previously traveled over the same road that a current vehicle
is presently traveling on. By storing data regarding the
events (e.g., storing), the current vehicle can be controlled or
configured based on analysis of the data.

As mentioned above, event data may include other types
of data. For example, data regarding physical objects (e.g.,
at the time of the collision) detected by vehicles can be sent
to a server in a cloud. A map is stored that includes locations
for each of these detected objects (e.g., along with other
event data). For example, the map can include data collected
by the prior vehicles. For example, locations of physical
objects can be based on data received from the prior
vehicles.

In one embodiment, in response identifying unsafe soft-
ware (e.g., as determined based on pattern recognition or
other analysis of event data), a server can perform one or
more actions. For example, the server can send a commu-
nication to the current vehicle. In one case, the communi-
cation can cause the current vehicle to take corrective
actions, such as terminating an autonomous navigation
mode, braking, or changing course, or updating firmware of
the vehicle (e.g., via an over-the-air firmware update).

In one embodiment, in response to receiving a commu-
nication from a server, a current vehicle can switch off its
autonomous driving mode, use a backup system, and/or
activate a braking system to stop the vehicle.

In another embodiment, the cloud service can send a
communication to a server or other computing device that
monitors an operating status for other vehicles (e.g., a
central monitoring service). For example, the cloud service
can send a communication to a server operated by govern-
mental authorities. The communication can, for example,
identify that a software component(s) is unsafe. In some
cases, in response to a determination that the current vehicle
has been in an accident associated with an identified unsafe
software, the communication can be sent to the server or
other computing device. In such a case, one or more indi-
cations provided to the server or other computing device can
include data obtained from the current or another vehicle
associated with a detected event (e.g., downloaded data
stored by the vehicle regarding operating functions and/or
state of the vehicle prior to the accident, such as within a
predetermined time period prior to the accident).
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In one embodiment, the determination whether a vehicle
has experienced a braking event and/or been involved in an
accident can be based on data from one or more sensors of
the vehicle. For example, data from an accelerometer of the
vehicle can indicate a rapid deceleration of the vehicle (e.g.,
deceleration exceeding a threshold). In another case, data
can indicate that an emergency system of the vehicle has
been activated, such as for example, an airbag, an emer-
gency braking system, etc. In some embodiments, any one
and/or a combination of the foregoing events can be deemed
to be an event for which downloaded data is transmitted to
a server.

In one embodiment, one or more sensors on the current
vehicle are used to obtain data regarding braking events
and/or objects in the environment of the vehicle as it travels
along the route. Data from the sensors and/or data generated
based on analysis of sensor data and/or other data can be, for
example, transmitted to the cloud service wirelessly (e.g.,
using a 3G, 4G, or 5G network or other radio-based com-
munication system).

In one embodiment, in response to identifying unsafe
software determined based on event data, one or more
actions of a vehicle are configured. For example, an over-
the-air firmware update can be sent to the vehicle for
updating firmware of a computing device of the vehicle
(e.g., this update causes the vehicle to avoid identified
unsafe functions). In one example, the firmware updates a
navigation system of the vehicle. The updated configuration
is based at least in part on analysis of data that is collected
from other vehicles.

FIG. 1 illustrates an autonomous vehicle 200 that collects
data using sensors during navigation, according to one
embodiment. For example, autonomous vehicle 200 detects
various objects during travel. Vehicle 200 also detects cer-
tain events that trigger downloading data (e.g., from system
memory) to a non-volatile memory device. In one example,
vehicle 200 detects the event that a collision with an object
(e.g., another vehicle) has occurred. In response to detecting
the collision, a computing system of vehicle 200 causes
system memory data to be downloaded to a non-volatile
memory device. This is done to permit analysis of the
downloaded data after the collision.

More particularly, in one embodiment, FIG. 1 illustrates
a sensing system located on board vehicle 200 for collecting
information concerning operation of the vehicle. Any of this
collected data can be, for example, a portion of the data
downloaded from system memory and/or from other volatile
memory in response to detecting an event. For example, the
sensing system can be used to collect object and event data
for sending to a cloud service to be stored for analysis.

The sensing system, in various embodiments, may gen-
erally include one or more sensors 220, a processor 230,
memory 240, and a communication device (e.g., transmitter
250). Other data in addition to object data can be collected
for sending to the cloud service.

The sensing system, in various embodiments, may
include one or more sensors 220 configured to collect
information regarding operational aspects of autonomous
vehicle 200, such as speed, vehicle speed, vehicle accelera-
tion, braking force, braking deceleration, and the like. Rep-
resentative sensors configured to collect information con-
cerning operational driving characteristics may include,
without limitation, tachometers like vehicle speed sensors or
wheel speed sensor, brake pressure sensors, fuel flow sen-
sors, steering angle sensors, and the like.

The sensing system, in various embodiments, may addi-
tionally or alternatively include one or more sensors 220
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configured to collect information regarding the static envi-
ronment in which autonomous vehicle 200 is operated, such
as the presence and content of physical objects surrounding
the vehicle. The physical objects include, for example,
signage and traffic signals (e.g., stop signs, construction
zones, speed limit signs, stop lights), road lane dividers (e.g.,
solid and dashed lane lines), and the like. Representative
sensors configured to collect such static operating environ-
ment information may include outward-facing cameras posi-
tioned and oriented such that their respective fields of view
can capture the respective information each is configured to
collect. For example, a camera configured to capture sur-
rounding signage may be configured towards the front of or
on top of autonomous vehicle 200 and oriented forward-
facing (e.g., straight ahead or perhaps canted sideways by up
to about 45 degrees) so as to capture roadside and overhead
signage/traffic signals within its field of view as autonomous
vehicle 200 travels forward.

As another example, cameras configured to capture road
lane dividers may be positioned on the side of or off a
front/rear quarter of autonomous vehicle 200 and may be
oriented somewhat downwards so as to capture road lane
dividers on both sides of vehicle autonomous 200. Addi-
tional representative sensors for collecting static operating
environment information may include receivers configured
to receive wireless signals from base stations or other
transmitters communicating information that may ordinarily
be found on signage or otherwise related to the static
operating environment of autonomous vehicle 200. Like-
wise, global positioning system (GPS) or other location-
related sensors may be utilized to collect information regard-
ing the static environment in which vehicle 200 is operated,
such as what street autonomous vehicle 200 is driving on,
whether that street is a traffic artery (e.g., highway) or other
type, and whether that location is in an urban or rural area.

The sensing system, in various embodiments, may addi-
tionally or alternatively include one or more sensors 220
configured to collect information regarding the dynamic
environment in which autonomous vehicle 200 is operated,
such as information concerning the presence of moving
objects such as, for example, other nearby vehicles (e.g.,
along with such vehicle’s location, direction of travel, rate of
speed, and rate of acceleration/deceleration), as well as
similar information concerning the presence of nearby
pedestrians. Representative sensors configured to collect
such dynamic operating environment information may
include outward-facing cameras positioned and oriented
such that their respective fields of view can capture the
respective information each is configured to collect. For
example, outward-facing cameras may be positioned about
the perimeter of autonomous vehicle 200 (e.g., on the front,
rear, top, sides, and/or quarters) to capture imagery to which
image processing techniques such as vehicle recognition
algorithms may be applied. Additionally or alternatively, one
or more optical sensors (e.g., LIDAR, infrared), sonic sen-
sors (e.g., sonar, ultrasonic), or similar detection sensors
may be positioned about the vehicle for measuring dynamic
operating environment information such as distance, relative
velocity, relative acceleration, and similar characteristics of
the motion of nearby piloted or autonomous vehicles.

The sensing system, in various embodiments, may lever-
age as sensor(s) 220 those sensors typically found in most
autonomous vehicles such as, without limitation, those con-
figured for measuring speed, RPMs, fuel consumption rate,
and other characteristics of the vehicle’s operation, as well
as those configured for detecting the presence of other
vehicles or obstacles proximate the vehicle. Sensors 220
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may additionally or alternatively comprise aftermarket sen-
sors installed on autonomous vehicle 200 for facilitating the
collection of additional information related to driving style.

The sensing system of vehicle 200, in various embodi-
ments, may further comprise an onboard processor 230,
onboard memory 240, and an onboard transmitter 250.
Generally speaking, in various embodiments, processor 230
may be configured to execute instructions stored on memory
240 for processing information collected by sensor(s) 200
for subsequent transmission offboard vehicle 200. Onboard
processor 230, in various embodiments, may additionally or
alternatively be configured to execute instructions stored on
memory 240 for processing information from two or more
sensors 220 to produce further information concerning
object characteristics detected by autonomous vehicle 200.
For example, in an embodiment, processor 230 may process
operational characteristics, such as braking deceleration,
alongside dynamic environment characteristics, such as fol-
lowing distance, to avoid debris or an animal suddenly
appearing in the roadway. It should be recognized that this
is merely an illustrative example, and that one of ordinary
skill in the art will recognize further ways sensor data may
be processed by a processor to produce further information
concerning objects detected by autonomous vehicle 200.

Processor 230, in various embodiments, may be config-
ured to pre-process information from sensor(s) 220 for
subsequent oftboard transmission via transmitter 250. Pre-
processing activities may include one or a combination of
filtering, organizing, and packaging the information from
sensors 220 into formats and communications protocols for
efficient wireless transmission. In such embodiments, the
pre-processed information may then be transmitted offboard
vehicle 200 by transmitter 250 in real-time or at periodic
intervals, where it may be received by nearby piloted or
autonomous vehicles and/or a remote server. It should be
appreciated that transmitter 250 may utilize short-range
wireless signals (e.g., Wi-Fi, BlueTooth) when configured to
transmit the pre-processed information directly to nearby
piloted or autonomous vehicles, and that transmitter 250
may utilize longer-range signals (e.g., cellular, satellite)
when transmitting the pre-processed information directly to
the remote server, according to various embodiments later
described.

In some embodiments, transmitter 250 may additionally
or alternatively be configured to form a local mesh network
(not shown) for sharing information with multiple nearby
piloted or autonomous vehicles, and then to the remote
server via a wide area network access point. Transmitter 250
may of course use any wireless communications signal type
and protocol suitable for transmitting the pre-processed
information oftboard vehicle 200 and to nearby piloted or
autonomous vehicles and/or the remote server.

Like sensor(s) 220, in various embodiments, processor
230 and/or onboard transmitter 250 may be integrally
installed in vehicle 200 (e.g., car computer, connected
vehicles), while in other embodiments, processor 230 and/or
transmitter 250 may be added as an aftermarket feature.

FIG. 2 illustrates a control system 731 used to download
data in response to detecting an event associated with a
vehicle 711, according to one embodiment. Vehicle 711
includes sensors 737. Control system 731 also controls at
least one operation (e.g. navigation and/or braking) of the
vehicle. The control system 731 includes one or more
processors 733, non-volatile memory 735, and system
memory 729, which includes volatile memory 727. System
memory 729 may also include, for example, data of vehicle
711 stored in other volatile memory devices (not shown).
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The volatile memory 727 may be, for example, a dynamic
random access memory device. Volatile memory 727 is used
to store data used by software during operation of the vehicle
such as sensor data and data regarding the operational state
of the control system 731. The sensor data is collected, for
example, by sensors 737.

Non-volatile memory 735 is used to store data from the
volatile memory 727 after an event is detected. Examples of
non-volatile memory 735 include 3D XPoint memory and
NAND flash memory, as well as removable memory devices
such as solid state disks.

The vehicle 711 uses sensors 737 and control system 731
to detect various events, as mentioned above. These events
can include, for example, the collision of vehicle 711 with an
object. Other events may be detection of a system activity
such as emergency braking system activation or sensor data
exceeding a threshold. When an event is detected, data
stored in volatile memory 727 is downloaded to non-volatile
memory 735. Examples of the stored data includes sensor
data such as data regarding acceleration, vehicle speed and
braking status, LIDAR and video input, location data and
control system status such as a program counter indicating
operational state of the software executing during the event.
In some embodiments, after an event is detected by control
system 731, downloading of volatile data to non-volatile
data is performed within a specific time duration (e.g. less
than five to ten seconds).

In one embodiment, the control system 731 of vehicle 711
may be configured to extract event data from the non-
volatile memory and analyze that data. The event data is
extracted after being downloaded following detection of an
event. For example, the event data can be transmitted
wirelessly to a central server that monitors the travel and
operation of vehicle 711.

In one embodiment, only a predetermined portion of
system memory 729 is downloaded. Processor 733 can
determine after detection of an event the predetermined
portion to be downloaded. In another embodiment, data
from system memory 729 can be downloaded portion by
portion in an order based on priority of data. The priority
may be determined by a type of event detected by control
system 731.

In one embodiment, analysis of event data to determine
software operation includes software tracing. Functions of
the software occurring at the time of the event are identified.
Functions of the software are emulated using the event data.
For example, steps performed by the software during the
accident are duplicated in order to identify the cause of an
accident. Software can be, for example, executed in an
emulator for this purpose. Other forms of simulation can be
used to analyze the software. Also, backward stepping and
backward debugging can be used as part of the analysis of
the software.

In one embodiment, data is downloaded to a single
non-volatile memory device. In other embodiments, various
portions of data can be downloaded to different memory
devices.

FIG. 3 illustrates a system to analyze event data received
from a vehicle 111, according to one embodiment. In one
example, if a collision of vehicle 111 and object 155 is
detected, event data 160 (e.g., stored in volatile memory 727
of FIG. 2) is downloaded from system memory 729 to
non-volatile memory 735. Event data 160 can include data
such as sensor data 103 (obtained from sensors of vehicle
111), location data 163, data related to activation of an
emergency braking system, or data output from an artificial



US 11,756,353 B2

9

neural network. During operation, vehicle 711 collects data
regarding objects that are detected such as object 155 and
object 157.

The event data 160 is extracted from the non-volatile
memory and communicated through a wireless communi-
cation network 102 to a server 101. Server 101 analyzes the
event data 160 to determine a cause of the collision (e.g.,
software failure). For example, server 101 can use emulation
to determine whether software executing on the vehicle 111
functioned properly. Server 101 can select the type of event
data 160 (e.g. sensor data or control system status) to be
downloaded for analysis. One example of wireless commu-
nication network 102 is a cell phone network.

In one example, server 101 can use the event data 160
from vehicle 111 to emulate vehicle 111 software operation
using pre-event and post-event data to analyze the event and
one or more operations of vehicle 111.

In one embodiment, data regarding events occurring on
vehicle 111 is received by server 101 via communication
network 102. The received data includes a location for each
of the events. For example, the received data can include
location data 163 for each event detected. Event data 160
can include data such as, for example, an identifier, a type of
braking event, etc. The received event data can be stored in
memory of server 101.

In some embodiments, additional data is received by
server 101 from the vehicles. This can include, for example,
data regarding detected objects. This additional data can be
stored as part of event data 160.

The event data received from the vehicle 111 by server
101 is analyzed. For example, this analysis can include
pattern recognition or other data analysis (e.g., determining
a correlation of event data to other data).

In response to identifying a failure of software, at least
one action is performed. For example, server 101 can
transmit a communication to vehicle 111 that causes the
vehicle to re-configure software.

In one example, a vehicle may communicate, via a
wireless connection 115 to an access point (or base station)
105, with the server 101 to submit event data. The wireless
connection 115 may be made via a wireless local area
network, a cellular communications network, and/or a com-
munication link 107 to a satellite 109 or a communication
balloon.

Optionally, the vehicle 111 has a self-learning capability.
After an extended period on the road, the vehicle 111 may
have its software re-configured. In one example, the cen-
tralized server 101 may be operated by a factory, a producer

or maker of the vehicles 111, . . . , 113, or a vendor of the
autonomous driving and/or advanced driver assistance sys-
tem for vehicles 111, . . ., 113.

FIG. 4 shows an example of vehicle 111 as configured
using an Artificial Neural Network (ANN) model, according
to one embodiment. The vehicle 111 includes an infotain-
ment system 149, a communication device 139, one or more
sensors 137, and a computer 131 that is connected to some
controls of the vehicle 111, such as a steering control 141 for
the direction of the vehicle 111, a braking control 143 for
stopping of the vehicle 111, an acceleration control 145 for
the speed of the vehicle 111, etc. In some embodiments,
vehicle 711 of FIG. 2 has a similar configuration and/or
similar components.

The computer 131 of the vehicle 111 includes one or more
processors 133, memory 135 storing firmware (or software)
127, the ANN model 119, and other data 129.

In one example, firmware 127 is updated by an over-the-
air update in response to a communication from server 101
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sent in response to identifying faulty software. Alternatively,
and/or additionally, other firmware of various computing
devices or systems of vehicle 111 can be updated.

The one or more sensors 137 may include a visible light
camera, an infrared camera, a LIDAR, RADAR, or sonar
system, and/or peripheral sensors, which are configured to
provide sensor input to the computer 131. A module of the
firmware (or software) 127 executed in the processor(s) 133
applies the sensor input to an ANN defined by the model 119
to generate an output that identifies or classifies an event or
object captured in the sensor input, such as an image or
video clip. Data from this identification and/or classification
can be included in event data sent from a vehicle to server
101 as discussed above.

Alternatively, and/or additionally, the identification of
unsafe software can be used by an autonomous driving
module of the firmware (or software) 127 to generate a
response. The response may be a command to activate
and/or adjust one of the vehicle controls 141, 143, and 145.
In one embodiment, the response is an action performed by
the vehicle where the action has been configured based on an
update command from server 101 (e.g., the update command
can be generated by server 101 in response to determining
that software of vehicle 111 is faulty based on analysis of
event data). In one embodiment, prior to generating the
control response, the vehicle is configured. In one embodi-
ment, the configuration of the vehicle is performed by
updating firmware of vehicle 111. In one embodiment, the
configuration of the vehicle includes updating of the com-
puter model stored in vehicle 111 (e.g., ANN model 119).

In one embodiment, the server 101 stores received sensor
input as part of sensor data for the subsequent further
training or updating of the ANN model 119 using the
supervised training module 117. When an updated version of
the ANN model 119 is available in the server 101, the
vehicle 111 may use the communication device 139 to
download the updated ANN model 119 for installation in the
memory 135 and/or for the replacement of the previously
installed ANN model 119. These actions may be performed
in response to determining that vehicle 111 is failing to
properly detect objects and/or in response to identifying
unsafe software.

In one example, the outputs of the ANN model 119 can be
used to control (e.g., 141, 143, 145) the acceleration of a
vehicle (e.g., 111), the speed of the vehicle 111, and/or the
direction of the vehicle 111, during autonomous driving.

In one example, data obtained from a sensor of a vehicle
may be an image that captures an object using a camera that
images using lights visible to human eyes, or a camera that
images using infrared lights, or a sonar, radar, or LIDAR
system. In one embodiment, image data obtained from at
least one sensor of the vehicle is part of the collected data
from the vehicle that is analyzed. In some instances, the
ANN model is configured for a particular vehicle based on
the sensor and other collected data.

FIG. 5 shows a method to download data from system
memory to non-volatile memory of a vehicle (e.g., vehicle
200, 711, or 111) in response to detecting an event, accord-
ing to one embodiment. In block 601, an event occurring on
the vehicle is detected. For example, the event is a collision
of the vehicle with another vehicle. The vehicle includes at
least one computing device that controls at least one opera-
tion of the vehicle. One of the computing devices of the
vehicle includes the system memory (e.g., uses data stored
in system memory 729).

In block 603, in response to detecting the event, data is
downloaded from the system memory to a non-volatile
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memory device. For example, sensor data is downloaded
from volatile memory 727 to non-volatile memory 735.

In one embodiment, a method for an autonomous vehicle
includes: detecting an event occurring on the vehicle,
wherein the vehicle comprises at least one computing device
that controls at least one operation of the vehicle, and
wherein the at least one computing device includes a first
computing device comprising system memory; and in
response to detecting the event, downloading data from the
system memory to a non-volatile memory device of the
vehicle.

In one embodiment, the event is a collision of the vehicle
with an object.

In one embodiment, detecting the event comprises at least
one of: receiving first data from at least one sensor of the
vehicle, and comparing the first data to a threshold; detecting
activation of an emergency braking system of the vehicle; or
analyzing an output from an artificial neural network.

In one embodiment, the method further comprises ana-
lyzing, by a second computing device, the downloaded data.

In one embodiment, the method further comprises:
extracting, by a third computing device, the downloaded
data from the non-volatile memory device; and sending,
over a wireless network, the extracted data to the second
computing device for analysis.

In one embodiment, first data used by software executing
on the first computing device resides in the system memory,
and analyzing the downloaded data comprises analyzing,
based on the first data, a function of the software related to
the at least one operation of the vehicle. In one embodiment,
the software controls navigation of the vehicle.

In one embodiment, the system memory includes a vola-
tile memory device that stores the data prior to downloading
the data from the system memory to the non-volatile
memory device. In one embodiment, the data is downloaded
to the non-volatile memory device in less than 10 seconds
after detecting the event.

In one embodiment, the first computing device is a
controller, and the non-volatile memory device is a cross
point memory device.

In one embodiment, an autonomous vehicle comprises: at
least one sensor configured to collect sensor data; a volatile
memory device to store data used by software during
operation of the vehicle; a non-volatile memory device
configured to receive data from the volatile memory device;
at least one computing device configured to control at least
one operation of the vehicle; and memory storing instruc-
tions configured to instruct the at least one computing device
to: detect, based on at least a portion of the sensor data, an
event associated with operation of the vehicle; and in
response to detecting the event, download first data from the
volatile memory device to the non-volatile memory device.

In one embodiment, downloading the first data from the
volatile memory device to the non-volatile memory device
is completed in less than five seconds after detecting the
event.

In one embodiment, the data used by the software during
operation of the vehicle is stored in system memory of the
at least one computing device, and wherein the first data
comprises at least one of: at least a portion of the data used
by the software during operation of the vehicle; or the
portion of the sensor data.

In one embodiment, the volatile memory device is a
dynamic random access memory device.

In one embodiment, the non-volatile memory device is
configured to provide the first data to a first computing
device configured to analyze the first data.
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In one embodiment, the at least one computing device
includes a first computing device executing the software
prior to detecting the event, and wherein after detecting the
event, the software is analyzed by emulating the event using
the first data.

FIG. 6 shows a method to download data from a volatile
memory device in response to detecting an event associated
with a vehicle (e.g., vehicle 200, 711, or 111), according to
one embodiment. In block 611, an event occurring on the
vehicle is detected. The vehicle includes one or more
computing devices. Each of the computer devices controls,
for example, at least one operation of the vehicle. The one
or more computer devices use data that is stored in a volatile
memory device.

In block 613, in response to detecting the event, data is
downloaded from the volatile memory device to a non-
volatile memory device. In some embodiments, one or more
software components that are executed by the one or more
computer devices can also be downloaded to the non-
volatile memory device.

In one embodiment, a non-transitory computer storage
medium stores instructions which, when executed on a
computing device, cause the computing device to perform a
method for an autonomous vehicle, the method comprising:
detecting an event occurring on the vehicle, wherein the
vehicle comprises at least one computing device that con-
trols at least one operation of the vehicle, and wherein the at
least one computing device uses data stored in a volatile
memory device; and in response to detecting the event,
downloading first data from the volatile memory device to a
non-volatile memory device.

In one embodiment, the first data includes a program
counter that indicates an operational state of software
executing on the at least one computing device when the
event is detected.

In one embodiment, the method further comprises ana-
lyzing, based on the first data, at least one function of
software executing on the at least one computing device at
the time of detecting the event.

In one embodiment, the method further comprises, in
response to detecting the event, selecting a type of data to
download, wherein the first data comprises data of the
selected type.

FIG. 7 shows an autonomous vehicle 303 controlled
and/or configured in response to an analysis of data down-
loaded from system memory of a vehicle involved in a
collision, according to one embodiment. A system of vehicle
303 controls a display device 308 or other device, system, or
component of an autonomous vehicle 303. For example, a
controller 307 controls the display of images on one or more
display devices 308. Controller 307 also controls navigation
of the vehicle (e.g. using braking control 143 of FIG. 4).

Server 301 may store, for example, event data 160. Server
301 may determine, using event data 160, that software of
vehicle 303 is operating improperly (e.g., failing to detect
objects). In response to this determination, server 301 may
cause the controller 307 to terminate an autonomous navi-
gation mode. Other actions can be performed in response to
this determination including, for example, configuring a
vehicle 303 by updating firmware 304, updating computer
model 312, updating data in database 310, and/or updating
training data 314.

The controller 307 may receive data collected by one or
more sensors 306. The sensors 306 may be, for example,
mounted in the autonomous vehicle 303. The sensors 306
may include, for example, a camera, a microphone, a motion
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detector, and/or a camera. At least a portion of the sensors
may provide data associated with objects newly detected by
vehicle 303 during travel.

The sensors 306 may provide various types of data for
collection by the controller 307. For example, the collected
data may include image data from the camera and/or audio
data from the microphone.

In one embodiment, the controller 307 analyzes the col-
lected data from the sensors 306. The analysis of the
collected data includes providing some or all of the collected
data as one or more inputs to a computer model 312. The
computer model 312 can be, for example, an artificial neural
network trained by deep learning. In one example, the
computer model is a machine learning model that is trained
using training data 314. The computer model 312 and/or the
training data 314 can be stored, for example, in memory 309.
An output from the computer model 312 can be transmitted
to server 301 as part of object data for comparison to map
data 160.

In one embodiment, memory 309 stores a database 310,
which may include data collected by sensors 306 and/or data
received by a communication interface 305 from computing
device, such as, for example, a server 301. In one example,
this communication may be used to wirelessly transmit
collected data from the sensors 306 to the server 301. The
received data may include configuration, training, and other
data used to configure control of the display devices 308 or
other components by controller 307. The received data may
also be used to update a configuration of a machine learning
model stored in memory 309 as computer model 312.

In FIG. 7, firmware 304 controls, for example, the opera-
tions of the controller 307 in controlling the display devices
308 and other components of vehicle 303. The controller
307 also can, for example, run the firmware 304 to perform
operations responsive to communications from the server
301. The autonomous vehicle 303 includes volatile Dynamic
Random-Access Memory (DRAM) 311 for the storage of
run-time data and instructions used by the controller 307.
The run-time data and/or instructions can be part of the data
downloaded in response to detecting an event.

In one embodiment, memory 309 is implemented using
various memory/storage technologies, such as NAND gate
based flash memory, phase-change memory (PCM), mag-
netic memory (MRAM), resistive random-access memory,
and 3D XPoint, such that the memory 309 is non-volatile
and can retain data stored therein without power for days,
months, and/or years.

In one embodiment server 301 communicates with the
communication interface 305 via a communication channel.
In one embodiment, the server 301 can be a computer having
one or more Central Processing Units (CPUs) to which
vehicles, such as the autonomous vehicle 303, may be
connected using a computer network. For example, in some
implementations, the communication channel between the
server 301 and the communication interface 305 includes a
computer network, such as a local area network, a wireless
local area network, a cellular communications network, or a
broadband high-speed always-connected wireless commu-
nication connection (e.g., a current or future generation of
mobile network link).

In one embodiment, the controller 307 performs data
intensive, in-memory processing using data and/or instruc-
tions organized in memory 309 or otherwise organized in the
autonomous vehicle 303. For example, the controller 307
can perform a real-time analysis of a set of data collected
and/or stored in the autonomous vehicle 303. In some
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embodiments, the set of data further includes collected or
configuration update data obtained from server 301.

At least some embodiments of the systems and methods
disclosed herein can be implemented using computer
instructions executed by the controller 307, such as the
firmware 304. In some instances, hardware circuits can be
used to implement at least some of the functions of the
firmware 304. The firmware 304 can be initially stored in
non-volatile storage media, such as by using memory 309, or
another non-volatile device, and loaded into the volatile
DRAM 311 and/or the in-processor cache memory for
execution by the controller 307. In one example, the firm-
ware 104 can be configured to control display or other
devices of a vehicle based results from an analysis of
downloaded event data and associated software.

FIG. 8 is a block diagram of an autonomous vehicle (e.g.,
vehicle 711) including one or more various components
and/or subsystems, each of which can be updated in various
embodiments to configure the vehicle and/or perform other
actions associated with the vehicle (e.g., configuration and/
or other actions performed in response to identifying a fault
in software or other stored data such as navigation data). The
system illustrated in FIG. 8 may be installed entirely within
a vehicle.

The system includes an autonomous vehicle subsystem
402. In the illustrated embodiment, autonomous vehicle
subsystem 402 includes map database 402A, radar devices
402B, Lidar devices 402C, digital cameras 402D, sonar
devices 402E, GPS receivers 402F, and inertial measure-
ment units 402G. Each of the components of autonomous
vehicle subsystem 402 comprise standard components pro-
vided in most current autonomous vehicles. In one embodi-
ment, map database 402A stores a plurality of high-defini-
tion three-dimensional maps used for routing and
navigation. Radar devices 402B, Lidar devices 402C, digital
cameras 402D, sonar devices 402E, GPS receivers 402F, and
inertial measurement units 402G may comprise various
respective devices installed at various positions throughout
the autonomous vehicle as known in the art. For example,
these devices may be installed along the perimeter of an
autonomous vehicle to provide location awareness, collision
avoidance, and other standard autonomous vehicle function-
ality.

Vehicular subsystem 406 is additionally included within
the system. Vehicular subsystem 406 includes various anti-
lock braking systems 406A, engine control units 402B, and
transmission control units 402C. These components may be
utilized to control the operation of the autonomous vehicle
in response to the streaming data generated by autonomous
vehicle subsystem 402A. The standard autonomous vehicle
interactions between autonomous vehicle subsystem 402
and vehicular subsystem 406 are generally known in the art
and are not described in detail herein.

The processing side of the system includes one or more
processors 410, short-term memory 412, an RF system 414,
graphics processing units (GPUs) 416, long-term storage
418 and one or more interfaces 420.

The one or more processors 410 may comprise central
processing units, FPGAs, or any range of processing devices
needed to support the operations of the autonomous vehicle.
Memory 412 comprises DRAM or other suitable volatile
RAM for temporary storage of data required by processors
410. RF system 414 may comprise a cellular transceiver
and/or satellite transceiver. Long-term storage 418 may
comprise one or more high-capacity solid-state drives
(SSDs). In general, long-term storage 418 may be utilized to
store, for example, high-definition maps, routing data, and
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any other data requiring permanent or semi-permanent stor-
age. GPUs 416 may comprise one more high throughput
GPU devices for processing data received from autonomous
vehicle subsystem 402A. Finally, interfaces 420 may com-
prise various display units positioned within the autonomous
vehicle (e.g., an in-dash screen).

The system additionally includes a reporting subsystem
404 which performs data collection (e.g., collection of data
obtained from sensors of the vehicle that is used to drive the
vehicle). The reporting subsystem 404 includes a sensor
monitor 404A which is connected to bus 408 and records
sensor data transmitted on the bus 408 as well as any log data
transmitted on the bus. The reporting subsystem 404 may
additionally include one or more endpoints to allow for
system components to transmit log data directly to the
reporting subsystem 404.

The reporting subsystem 404 additionally includes a
packager 404B. In one embodiment, packager 404B
retrieves the data from the sensor monitor 404 A or endpoints
and packages the raw data for transmission to a central
system (illustrated in FIG. 9). In some embodiments, pack-
ager 404B may be configured to package data at periodic
time intervals. Alternatively, or in conjunction with the
foregoing, packager 404B may transmit data in real-time
and may compress data to facilitate real-time communica-
tions with a central system.

The reporting subsystem 404 additionally includes a batch
processor 404C. In one embodiment, the batch processor
404C is configured to perform any preprocessing on
recorded data prior to transmittal. For example, batch pro-
cessor 404C may perform compression operations on the
data prior to packaging by packager 404B. In another
embodiment, batch processor 404C may be configured to
filter the recorded data to remove extraneous data prior to
packaging or transmittal. In another embodiment, batch
processor 404C may be configured to perform data cleaning
on the recorded data to conform the raw data to a format
suitable for further processing by the central system.

Each of the devices is connected via a bus 408. In one
embodiment, the bus 408 may comprise a controller area
network (CAN) bus. In some embodiments, other bus types
may be used (e.g., a FlexRay or MOST bus). Additionally,
each subsystem may include one or more additional busses
to handle internal subsystem communications (e.g., LIN
busses for lower bandwidth communications).

FIG. 9 is a block diagram of a centralized autonomous
vehicle operations system, according to various embodi-
ments. As illustrated, the system includes a number of
autonomous vehicles 502A-502E. In one embodiment, each
autonomous vehicle may comprise an autonomous vehicle
such as that depicted in FIG. 8. Each autonomous vehicle
502A-502E may communicate with a central system 514 via
a network 516. In one embodiment, network 516 comprises
a global network such as the Internet.

In one example, central system 514 is implemented using
one or more of servers 101 or 301. In one example, one or
more of autonomous vehicles 502A-502E are autonomous
vehicle 200 or 711.

The system additionally includes a plurality of client
devices 508A, 508B. In the illustrated embodiment, client
devices 508A, 508B may comprise any personal computing
device (e.g., a laptop, tablet, mobile phone, etc.). Client
devices 508A, 508B may issue requests for data from central
system 514. In one embodiment, client devices 508A, 508B
transmit requests for data to support mobile applications or
web page data, as described previously.
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In one embodiment, central system 514 includes a plu-
rality of servers 504A. In one embodiment, servers 504A
comprise a plurality of front end webservers configured to
serve responses to client device 508A, 508B. The servers
504A may additionally include one or more application
servers configured to perform various operations to support
one or more vehicles.

In one embodiment, central system 514 additionally
includes a plurality of models 504B. In one embodiment,
models 504B may store one or more neural networks for
classifying autonomous vehicle objects. The models 504B
may additionally include models for predicting future
events. In some embodiments the models 504B may store a
combination of neural networks and other machine learning
models.

Central system 514 additionally includes one or more
databases 504C. The databases 504C may include database
record for vehicles 504D, personalities 504E, and raw data
504F. Raw data 504F may comprise an unstructured data-
base for storing raw data received from sensors and logs as
discussed previously.

The present disclosure includes methods and apparatuses
which perform the methods described above, including data
processing systems which perform these methods, and com-
puter readable media containing instructions which when
executed on data processing systems cause the systems to
perform these methods.

A server and/or a computing device of a vehicle above can
be implemented as one or more data processing systems. A
typical data processing system may include includes an
inter-connect (e.g., bus and system core logic), which inter-
connects a microprocessor(s) and memory. The micropro-
cessor is typically coupled to cache memory.

The inter-connect interconnects the microprocessor(s)
and the memory together and also interconnects them to
input/output (/O) device(s) via /O controller(s). 1/O
devices may include a display device and/or peripheral
devices, such as mice, keyboards, modems, network inter-
faces, printers, scanners, video cameras and other devices
known in the art. In one embodiment, when the data pro-
cessing system is a server system, some of the I/O devices,
such as printers, scanners, mice, and/or keyboards, are
optional.

The inter-connect can include one or more buses con-
nected to one another through various bridges, controllers
and/or adapters. In one embodiment the 1/O controllers
include a USB (Universal Serial Bus) adapter for controlling
USB peripherals, and/or an IEEE-1394 bus adapter for
controlling IEEE-1394 peripherals.

The memory may include one or more of: ROM (Read
Only Memory), volatile RAM (Random Access Memory),
and non-volatile memory, such as hard drive, flash memory,
etc.

Volatile RAM is typically implemented as dynamic RAM
(DRAM) which requires power continually in order to
refresh or maintain the data in the memory. Non-volatile
memory is typically a magnetic hard drive, a magnetic
optical drive, an optical drive (e.g., a DVD RAM), or other
type of memory system which maintains data even after
power is removed from the system. The non-volatile
memory may also be a random access memory.

The non-volatile memory can be a local device coupled
directly to the rest of the components in the data processing
system. A non-volatile memory that is remote from the
system, such as a network storage device coupled to the data
processing system through a network interface such as a
modem or Ethernet interface, can also be used.
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In the present disclosure, some functions and operations
are described as being performed by or caused by software
code to simplify description. However, such expressions are
also used to specify that the functions result from execution
of the code/instructions by a processor, such as a micropro-
Cessor.

Alternatively, or in combination, the functions and opera-
tions as described here can be implemented using special
purpose circuitry, with or without software instructions, such
as using Application-Specific Integrated Circuit (ASIC) or
Field-Programmable Gate Array (FPGA). Embodiments can
be implemented using hardwired circuitry without software
instructions, or in combination with software instructions.
Thus, the techniques are limited neither to any specific
combination of hardware circuitry and software, nor to any
particular source for the instructions executed by the data
processing system.

While one embodiment can be implemented in fully
functioning computers and computer systems, various
embodiments are capable of being distributed as a comput-
ing product in a variety of forms and are capable of being
applied regardless of the particular type of machine or
computer-readable media used to actually effect the distri-
bution.

At least some aspects disclosed can be embodied, at least
in part, in software. That is, the techniques may be carried
out in a computer system or other data processing system in
response to its processor, such as a microprocessor, execut-
ing sequences of instructions contained in a memory, such as
ROM, volatile RAM, non-volatile memory, cache or a
remote storage device.

Routines executed to implement the embodiments may be
implemented as part of an operating system or a specific
application, component, program, object, module or
sequence of instructions referred to as “computer pro-
grams.” The computer programs typically include one or
more instructions set at various times in various memory and
storage devices in a computer, and that, when read and
executed by one or more processors in a computer, cause the
computer to perform operations necessary to execute ele-
ments involving the various aspects.

A machine readable medium can be used to store software
and data which when executed by a data processing system
causes the system to perform various methods. The execut-
able software and data may be stored in various places
including for example ROM, volatile RAM, non-volatile
memory and/or cache. Portions of this software and/or data
may be stored in any one of these storage devices. Further,
the data and instructions can be obtained from centralized
servers or peer to peer networks. Different portions of the
data and instructions can be obtained from different central-
ized servers and/or peer to peer networks at different times
and in different communication sessions or in a same com-
munication session. The data and instructions can be
obtained in entirety prior to the execution of the applica-
tions. Alternatively, portions of the data and instructions can
be obtained dynamically, just in time, when needed for
execution. Thus, it is not required that the data and instruc-
tions be on a machine readable medium in entirety at a
particular instance of time.

Examples of computer-readable media include but are not
limited to non-transitory, recordable and non-recordable
type media such as volatile and non-volatile memory
devices, read only memory (ROM), random access memory
(RAM), flash memory devices, floppy and other removable
disks, magnetic disk storage media, optical storage media
(e.g., Compact Disk Read-Only Memory (CD ROM), Digi-
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tal Versatile Disks (DVDs), etc.), among others. The com-
puter-readable media may store the instructions.

The instructions may also be embodied in digital and
analog communication links for electrical, optical, acousti-
cal or other forms of propagated signals, such as carrier
waves, infrared signals, digital signals, etc. However, propa-
gated signals, such as carrier waves, infrared signals, digital
signals, etc. are not tangible machine readable medium and
are not configured to store instructions.

In general, a machine readable medium includes any
mechanism that provides (i.e., stores and/or transmits) infor-
mation in a form accessible by a machine (e.g., a computer,
network device, personal digital assistant, manufacturing
tool, any device with a set of one or more processors, etc.).

In various embodiments, hardwired circuitry may be used
in combination with software instructions to implement the
techniques. Thus, the techniques are neither limited to any
specific combination of hardware circuitry and software nor
to any particular source for the instructions executed by the
data processing system.

The above description and drawings are illustrative and
are not to be construed as limiting. Numerous specific details
are described to provide a thorough understanding. How-
ever, in certain instances, well known or conventional details
are not described in order to avoid obscuring the description.
References to one or an embodiment in the present disclo-
sure are not necessarily references to the same embodiment;
and, such references mean at least one.

In the foregoing specification, the disclosure has been
described with reference to specific exemplary embodiments
thereof. It will be evident that various modifications may be
made thereto without departing from the broader spirit and
scope as set forth in the following claims. The specification
and drawings are, accordingly, to be regarded in an illus-
trative sense rather than a restrictive sense.

What is claimed is:

1. An apparatus comprising:

at least one computing device; and

memory storing instructions configured to instruct the at

least one computing device to:

store first data;

detect an event;

determine a priority; and

in response to detecting the event, download, in an
order based on the priority, the first data to a non-
volatile memory device.

2. The apparatus of claim 1, wherein the instructions are
further configured to instruct the at least one computing
device to determine a type of the event, and wherein the
priority is based on the type of event.

3. The apparatus of claim 2, wherein the type of event is
determined in response to detecting the event.

4. The apparatus of claim 1, wherein the event is a
collision of a vehicle with an object, and detecting the event
comprises analyzing an output from an artificial neural
network to identify the object.

5. The apparatus of claim 4, wherein the artificial neural
network identifies the object based on at least a portion of
the first data.

6. The apparatus of claim 4, wherein data output from the
artificial neural network is downloaded to the non-volatile
memory device in response to detecting the event.

7. The apparatus of claim 1, wherein the instructions are
further configured to instruct the at least one computing
device to download program counter data from a volatile
memory device to the non-volatile memory device, the
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program counter data indicating an operational state of
software while executing during the event.

8. The apparatus of claim 1, wherein the first data is
downloaded from a volatile memory device, and download-
ing the first data from the volatile memory device to the
non-volatile memory device is completed in less than five
seconds after detecting the event.

9. The apparatus of claim 1, wherein the first data is stored
in system memory of the at least one computing device
during operation of a vehicle.

10. The apparatus of claim 1, wherein the first data is
downloaded from a volatile memory device, and the volatile
memory device is a dynamic random access memory device.

11. The apparatus of claim 1, wherein the non-volatile
memory device is configured to provide the first data to the
computing device for analyzing the first data.

12. The apparatus of claim 1, wherein the at least one
computing device is executing software prior to detecting
the event, and wherein the downloaded first data is config-
ured to use in analyzing the software by emulating the event.

13. The apparatus of claim 1, wherein the first data is
sensor data from at least one sensor of a vehicle, and the
event is an event associated with the vehicle.

14. An apparatus comprising:

at least one computing device; and

memory storing instructions configured to instruct the at

least one computing device to:

detect a collision; and

in response to detecting the collision, determine a
priority, and download first data from volatile
memory to non-volatile memory, wherein the first
data is downloaded in an order based on the priority.

15. The apparatus of claim 14, wherein detecting the
collision comprises analyzing an output from an artificial
neural network to identify an object based at least in part on
the first data.

16. The apparatus of claim 14, wherein the downloaded
first data is configured for analyzing to determine whether to
update software executing on a vehicle that performs object
detection.
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17. The apparatus of claim 16, wherein analyzing the
downloaded first data comprises analyzing a function of the
software.

18. The apparatus of claim 17, wherein the software
controls navigation of a vehicle.

19. The apparatus of claim 14, wherein the downloaded
first data is extracted from the non-volatile memory and sent,
over a wireless network, to a server for analysis.

20. The apparatus of claim 14, wherein the volatile
memory provides system memory used by the computing
device.

21. The apparatus of claim 14, wherein an output from an
artificial neural network classifies the type of event based at
least in part on the first data.

22. The apparatus of claim 14, wherein the collision is a
collision of a vehicle with an object, and the first data is used
for object detection by the vehicle.

23. A non-transitory computer storage medium storing
instructions which, when executed on a computing device,
cause the computing device to:

detect an event; and

in response to detecting the event:

determine a priority based on the event; and

download first data used for navigation from a volatile
memory device to a non-volatile memory device in
an order based on the priority.

24. The non-transitory computer storage medium of claim
23, wherein the instructions further cause the computing
device to analyze, based on the first data, at least one
function of software executing on the computing device at
the time of detecting the event.

25. The non-transitory computer storage medium of claim
23, wherein the instructions further cause the computing
device to, in response to detecting the event, select a type of
data to download.

26. The non-transitory computer storage medium of claim
23, wherein the first data is sensor data.
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