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1
MODERATOR SYSTEM FOR A SECURITY
ANALYTICS FRAMEWORK

BACKGROUND

In conventional computers and computer networks, an
attack refers to various attempts to achieve unauthorized
access to technological resources. An attacker may attempt
to access data, functions, or other restricted areas of a
susceptible computing system without authorization. Com-
puting systems generally include one or more integrated
circuits (ICs). ICs are manufactured on chips and may be in
the form of a system on a chip (SoC) or in discrete
components coupled together in packaging such as 3D ICs
or on a board. Attacks may be software based, physical (e.g.,
probing of IC components), or side-channels (e.g., capturing
information from power consumption, timing information,
and electromagnetic leakages).

BRIEF SUMMARY

A security analytics framework is provided that can
combine monitoring and intelligence to help defeat attackers
seeking to extract information from a chip or system.
Analytics processing circuitry can implement at least part of
a security analytics framework that includes a data scaven-
ger, a data analyzer, a moderator, and a risk predictor. A
moderator system is described that provides moderation—
intelligence and feedback—to a security analytics frame-
work.

A method to provide moderation to a security analytics
framework can provide protection against attacks utilizing
an iteration-based strategy. The method can include sending
a first model to a risk predictor for a system, wherein the first
model includes context information for a particular appli-
cation of the system; receiving operational data from the
system; performing training on one or more stored models
including the first model using the received operational data
to generate at least a second model; sending the second
model to at least the risk predictor; determining whether to
make an adjustment to a security configuration of the system
based on at least the received operational data; determining
a particular security configuration for the system based on at
least the received operational data; and sending the particu-
lar security configuration to at least one component of the
system.

A moderator system can manage the method to provide
moderation to a security analytics framework. The modera-
tor system can include a moderator controller, an interface
for communicating with components of the security analyt-
ics framework; a data resource containing one or more
models of particular operations of a system, and a training
module that trains the one or more models based on received
data from at least the system. The moderator system can also
optionally include one or more of an encoder and decoder
for sensitive data, an update model API for receiving models
to update a particular component of the system, and a data
API for communicating observational data to a third party.

This Summary is provided to introduce a selection of
concepts in a simplified form that are further described
below in the Detailed Description. This Summary is not
intended to identify key features or essential features of the
claimed subject matter, nor is it intended to be used to limit
the scope of the claimed subject matter.
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2
BRIEF DESCRIPTION OF THE DRAWINGS

FIG. 1 illustrates an operating environment of an analytics
processing system.

FIG. 2 illustrates a representational diagram of a data
scavenger and its inputs and output.

FIG. 3 illustrates a representational diagram of a data
analyzer and its inputs and outputs.

FIG. 4 illustrates a representational diagram of a risk
predictor and its inputs and outputs.

FIG. 5A illustrates a representational diagram of a mod-
erator.

FIG. 5B illustrates an example threat-modeling engine.

FIGS. 6A-6] illustrate example configurations of compo-
nents of an analytics processing system.

FIGS. 7A and 7B illustrate example scenarios for analyt-
ics processing circuitry.

FIG. 8A illustrates communication pathways for a mod-
erator.

FIGS. 8B-8D illustrate using a moderator to implement a
security configuration.

FIG. 9 illustrates a method for providing moderation to a
security analytics framework.

FIGS. 10A-10D illustrate an example attack scenario and
a corresponding response.

FIG. 11 illustrates an example analytic framework for a
system with multiple subcircuits.

FIG. 12 illustrates examples of communication between
different parts of a system incorporating a security analytics
framework that may be in different locations or have dif-
ferent secure states.

FIG. 13 illustrates an example implementation involving
a network.

DETAILED DESCRIPTION

A security analytics framework is provided that can
combine monitoring and intelligence to help defeat attackers
seeking to extract information from a chip or system.
Analytics processing circuitry can implement at least part of
a security analytics framework that includes a data scaven-
ger, a data analyzer, a moderator, and a risk predictor. A
moderator system is described that provides moderation—
intelligence and feedback—to a security analytics frame-
work.

In a specific implementation, the analytics processing
circuitry can receive operation monitoring parameters relat-
ing to an integrated circuit (IC) from one or more data
sources; evaluate these parameters against a behavioral
model, which characterizes the “normal” operation of the
IC; determine a threat probability based on divergence from
the model; and, if the threat probability exceeds a threshold
level, emit a threat response signal. The analytics processing
circuitry can operate independent of the IC’s functional
circuitry.

Components of the analytics processing circuitry can be
embodied by a microcontroller, an application processor, a
neural network accelerator, a field programmable gate array
(FPGA), or some custom design as constrained by its
application domain (e.g., inside an energy constrained, low
cost [oT device, or a high-end infrastructure SoC including
those with at least one secure domain for sensitive informa-
tion or cryptographic functions). In some cases, the analytics
processing circuitry can be or include “virtual circuitry,” for
instance, in the form of a secure network link to a trusted
agent handling the processing elsewhere (e.g., a cloud
instance).
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FIG. 1 illustrates an operating environment of an analytics
processing system. Referring to FIG. 1, an operating envi-
ronment 100 of an analytics processing system can include
a data scavenger 101, a data analyzer 102, a moderator 103,
a risk predictor 104, and a higher level monitoring system
105.

The data scavenger 101 includes a collection fabric that
can collect data 106 from elements of interest in a chip and
may be spread across a system on a chip or originate from
a specific circuit. The data scavenger circuitry may include
or communicate with counters, sensors (e.g., comparators,
current detectors, voltage detectors, etc.) and storage to
support collection of data including from data/address buses,
command flow, and resources. In some cases, the data
scavenger 101 can include sensors to detect electromagnetic
emissions. In some implementations, the data scavenger
circuitry includes selection circuitry to enable selection of
which elements to sense, as described in more detail with
respect to FIG. 2.

The data analyzer 102 communicates 111 with the data
scavenger 101 and analyzes the data 106 collected from the
data scavenger 101. The data analyzer 102 can include
circuitry and/or processors that can be used to identify
patterns in the collected data, for example, by comparing the
data to predefined metrics such as core metrics, security
metrics, structural metrics, probability-based metrics,
unstructured/irregular metrics, and time-/frequency-based
metrics. The data analyzer 102 can provide the outcome of
the data analysis to the risk predictor 104.

The moderator 103 inserts intelligence into the framework
and can include one or more processors and storage to
support artificial intelligence, machine learning and/or deep
learning processes. In some cases, the moderator 103 can
generate and manage profiles (e.g., a behavioral model 107).
The moderator 103 provides 113 use-case specific informa-
tion of the behavioral model 107 to the risk predictor 104,
which enables the use-case specific information to contex-
tualize the data analysis provided 112 by the data analyzer
102 to the risk predictor 104.

The use-case specific information can be a usage profile/
model for systems and applications such as, but not limited
to, payments, content protection, an integrated Services
Identity Module (iSIM)—where a chip with a form factor
such as MFF2, 2FF, 3FF or 4FF is integrated with a
processor core and an encrypted embedded universal inte-
grated circuit card (eUICC) into a cellular module or SoC.

As explained above, the moderator 103 generates and/or
manages a behavioral model 107 for an IC and its applica-
tion. An initial model used for a particular IC and application
may be deployed at manufacturing time or in the field. The
model can then be updated by remotely distributed updates
and/or by learning the expected application behavior over
time. A behavioral model can include aspects of whitelisting,
blacklisting, context interpretation, a state machine (e.g., to
enforce a specific order of operations, such as requiring
secure boot prior to unlocking certain features), threat con-
text, usage context, etc. As an example implementation of a
behavioral model 107, the behavioral model may compare
the current clock skew against normal operating thresholds
to identify fault injection attacks, or identify a large number
of repeated writes to the same memory address as a potential
RowHammer attack.

The risk predictor 104 includes components that are used
to generate a probabilistic report 114 of risky behavior
synthesized based on information obtained from the data
analyzer 102 and the moderator 103. The risk predictor 104
can generate a risk assessment regarding whether the opera-
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tional data is indicative of normal behavior or abnormal
behavior based on the identified patterns in the operational
data (e.g., as collected by the data scavenger 101 and
analyzed by the data analyzer 102) and a behavioral model
107 for the IC (e.g., as provided by the moderator). A threat
score 115 may be generated by the risk predictor 104 to
indicate the probability of an ongoing attack and can involve
assigning weights to various features identified by the risk
predictor 104. The report 114 and threat score 115 may be
provided to the higher level monitoring system 105. The risk
predictor 104 can further provide an output according to a
response policy, which can be fed back to adjust the state of
the underlying chip or system directly or, for example, via
the moderator 103. Thus, a threat response can be performed
based on the risk assessment generated by the risk predictor
104.

The higher level monitoring system 105 receives infor-
mation from multiple sources such as neighboring ICs or
networked devices (e.g., as various reports 114 from differ-
ent chips/systems) and can detect trends over the different
chips/systems. In some cases, the operating system software
120 can be considered part of the higher level monitoring
system 105. In some cases, information may be communi-
cated to the higher level monitoring system 105 via the
operating system software 120. The higher level monitoring
system 105 may communicate 130 with the moderator 103
to provide feedback and adjustments for the behavior mod-
els (e.g., 107). In some cases, data from the data scavenger
101 can be provided 121 directly to the higher level moni-
toring system 105. In some cases, information from the data
analyzer 102 can be provided 122 directly to the higher level
monitoring system 105.

Thus, a deliverable to the higher level system 105 can
include any one or more of the raw data (e.g., data 106)
collected by the scavenger 101, output of the analyzer 102,
a risk report 114, or the threat score 115. In addition,
behavioral models 107 from the moderator 103 may be
included as part of deliverables. In some cases, these various
deliverables can be made available by application program-
ming interfaces. In addition, security features can be applied
for secure communications between systems.

Operating system software 120 can provide information
(e.g., a status signal) of activities and actions taken by
applications (including status of the device) to the data
analyzer 102, either via a channel 131A to the data scaven-
ger 101 or via a direct channel 131B to the data analyzer
102. These channels of communication 131A, 131B can
inform the data analyzer 102 of current activities and also
what the operating system expects to be happening. In some
cases, operating system software 120 can have a channel 132
of communication with the risk predictor 104 such that
applications running on the operating system software can
utilize the risk report 114 and/or threat score 115.

As an example use case, malware on a mobile phone may
cause the operating system to indicate that the camera is not
turned on; and the software status of the camera may be that
the camera and microphone are not turned on. However, the
data scavenger 101 can collect information on the power
signature and the data analyzer 102 can identify that the
power signature is indicative of the camera and microphone
being turned on. The data analyzer 102 may output infor-
mation on the issue to the risk predictor 104 when the input
of the operating system software 120 of “the camera is oft”
conflicts with the determination by the data analyzer that the
power signature is indicative of the camera being on.

As mentioned above, although not illustrated in FIG. 1,
the operating system software 120 (and the host computing
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system on which it runs) may be considered to be part of the
higher level system 105 and/or be the conduit through which
communications can be transmitted to the higher level
system 105.

The operating system software 120 and/or the higher level
monitoring system 105 can pass down to the analytics
processing system information on new threats that may be
identified and, either directly or via the moderator 103, make
changes to what is being collected and analyzed and/or what
countermeasures may be implemented. In this manner, a
threat may be identified on one device and countermeasures
put in place at other devices through communications to
those devices (e.g., via the higher level monitoring system
105) to avoid that threat.

In various implementations, the moderator 103 can be
used to adjust aspects of the framework including what data
106 is collected from the data scavenger 101 (via commu-
nication 133) and what patterns or predefined metrics are
applied at the data analyzer 102 (via communication 134).

The data scavenger 101, data analyzer 102, moderator
103, risk predictor 104, a higher level monitoring system
105 may variously be on the same or a different chip, on the
same or a different board, as part of the same or a different
system, depending on the implementation. FIGS. 6A-6J
illustrate some example configurations. In some cases, at
least some of these components are on a system with an
operating system 120. However, the circuitry of the data
scavenger 101, data analyzer 102, moderator 103, and risk
predictor 104 do not need to cooperate with the operating
system 120; rather the circuitry can operate in their own
secure domain (together or separately). Thus, if the operat-
ing system 120 has been compromised, the circuitry can
trigger a factory reset and not be controlled by a compro-
mised system.

FIG. 2 illustrates a representational diagram of a data
scavenger and its inputs and outputs. As mentioned above
with respect to the data scavenger 101 of FIG. 1, a data
scavenger 200 can scavenge/collect data from at least one
element of interest from sources such as counters 202,
sensors 204, and outside the IC 206. These sources are
resources of raw data 208A, 208B, 208C.

Counters 202 can include performance counters such as
for cache hit/miss, store buffer fill level, branch miss pre-
diction, cache flush signal, current power state, and inter-
rupts per second, as examples. Counters 202 can further
include system counters such as for memory, networking,
power management, and other components. Counters 202
can also include debug/software visible performance coun-
ters. The analytics processing circuitry, and in particular data
scavenger 200, can further include its own dedicated coun-
ters 210.

Sensors 204 can include sensors for the power supply
voltage level (direct readout or threshold level indicators
such as over/under power), current clock skew, on-chip
temperature, physical stress level (e.g., bend or pressure),
noise level (for on-chip antennas having too little noise may
indicate an attack because the device may be shielded to
reduce interference during an EM analysis attack). In some
cases, sensors 204 can include sensors detecting physical
location and/or velocity of the chip (e.g., GPS, accelerom-
eter, magnetometer, gyroscope). The analytics processing
circuitry, and in particular data scavenger 200, can further
include its own dedicated sensors 212.

Sources outside the IC 206 can include neighboring ICs,
such as nearby nodes or IoT devices and from trusted edge
devices or servers (e.g., warnings of ongoing DDoS attacks).
Sources outside the IC 206 can also include higher level
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systems and ICs that are off-chip but on the same board. The
lack of signals in cases where signals are expected can also
be captured. For example, a lack of outside data may be
considered suspicious in cases such as heartbeat packages
(the packet of data sent from one entity to another entity on
a regular basis to confirm the liveliness of a communication
channel) being intercepted or a location beacon being
blocked.

The data scavenger 200 can have selection circuitry
including an optional interface 214 and a memory device
215 such as a register (e.g., a flip flop or latch), a read only
memory (ROM), or a random access memory (RAM) such
as MRAM (magnetoelectric RAM) or CeRAM (Correlated
Electron RAM), that stores a memory map 216 indicating
the resources to collect information from. The interface 214
can include the circuitry supporting communications off-
chip or to other parts of a system on a chip. The interface 214
may include switches or more complicated circuitry. The
memory map 216 can be considered a configuration signal.
In some cases, this memory map 216 is used to turn on or
gain access to certain resources. For example, the memory
map 216 may be used to indicate which switches to select to
turn on a resource. Of course, some resources may be turned
on directly by the value (from the memory map 216) of the
register/'memory device. In some cases, the memory map
216 can be initiated by ROM code (e.g., the code executed
by a booting core).

In some cases, the memory map 216 can be updated, for
example by the moderator 103 based on a new behavioral
model (e.g., providing a new map 217). This new map 217,
provided by the moderator 103, indicates the configuration
signal to the selection circuitry. In some cases, the resources
identified by the memory map 216 turn on or have data that
is collected in response to a particular trigger. For example,
if there are ten resources that could provide data, the
memory map 216 may turn on/collect data from eight of the
ten resources when specified operation codes (op-codes) are
about to be executed or during a sensitive operation (e.g., in
response to an indication that a cryptographic operation is to
be performed or other sensitive operations such as accessing
sensitive data or address locations that do not involve
cryptographic operations or accessing on-board resources
such as analog to digital converters (ADCs)). In some cases,
the data scavenger 200 can further include a processor 218.
The processor 218 may be dedicated to managing the
memory map configurations. In some implementations that
includes the processor 218, the processor 218 can be in a
secure part of the chip. In some cases, the processor 218 can
be used to implement a neural network to facilitate the
configurations for collecting the data from the sources. In
some cases, feedback information 220 from the data ana-
lyzer 102 can be used by the data scavenger 200 to adjust
what data is collected or provided to the data analyzer 102.
For instance, by adjusting the collection frequency or source
selection.

The data collected by the data scavenger 200 can be
output as scavenged data 222, which may be provided to the
data analyzer 102. In some cases, the data scavenger can
include an application programming interface (API) 224,
which can be used to provide data (e.g., a data message 226)
to requesting components.

FIG. 3 illustrates a representational diagram of a data
analyzer and its inputs and outputs. As mentioned above
with respect to data analyzer 102 of FIG. 1, a data analyzer
300 communicates with the data scavenger 101 and analyzes
the data (e.g., the scavenged data 301) collected from the
data scavenger 101.
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The data analyzer 300 can include a memory device 302,
a processor 304, and an interface 306.

The memory device 302 can include volatile and/or
non-volatile memory and may be located in a secure envi-
ronment on a chip. The memory device 302 can store
software that when executed by the processor 304, directs
the data analyzer 300 to identify patterns in the data from the
data scavenger (e.g., the scavenged data 301) over a time
frame or for a snapshot of time based on a predefined metric.
The memory device 302 can further store the details of
predefined metrics 307 (which can include the predefined
metric used to identify the patterns in the data) and receive
updates to the predefined metric (e.g., as an updated pre-
defined metric from the moderator 103 as part of the
behavioral model data 308) which can be stored in the
memory device 302. As previously mentioned, the pre-
defined metrics can include core metrics, structural metrics,
probability-based metrics, time-/frequency-based metrics,
unstructured/irregular metrics, or a combination thereof.

As an illustrative example of a predefined metric, a
baseline model or a rule based metric may indicate that a
chip with an AES core in a mobile device should have less
than a thousand encryptions occurring within one second.
For another chip, such as in a set top box, the metric would
be different and this rule would not apply since every frame
in a stream may be decrypted (and so many encryptions
would be expected to be occurring).

Just as the resources identified by the memory map 216 of
the data scavenger 200 (as described with respect to FIG. 2)
can turn on or have data that is collected in response to a
particular trigger, the data analyzer 300 can receive and
process the scavenged data 301 in response to a particular
trigger. The particular trigger for the data analyzer 300 may
be an event of interest and may indicate whether a snapshot
or time interval of data from the data scavenger 101 should
be captured and processed. In some cases, the particular
trigger is the same trigger for both components. In some
cases, the trigger is defined by the predefined metric. For
example, as mentioned above, the predefined metric can
include unstructured/irregular metrics such as a single event
or a sequence of events or even a cluster of events that do
not need to be periodic in nature.

The processor 304 can be a dedicated hardware compo-
nent on a system on a chip and, along with the memory
device 302 be part of a secure environment or be a proces-
sor-memory subsystem with its own logic security boundary.
The processor 304 may include an accelerator (e.g., a
Convolutional Neural Network or other type of Artificial
Intelligence accelerator).

The interface 306 can include dedicated hardware for
communicating with the data scavenger 101 (which may be
implemented as described with respect to the data scavenger
200 of FIG. 2). In some cases, the data scavenger 101 can
be coupled to the data analyzer 300 via the interface 306. In
some cases, the interface 306 includes components for
communicating with higher level systems, such as the oper-
ating system 120, which can provide operating system data
310 to the data analyzer 300.

The data generated by the data analyzer 300 can be output
as analysis data 312, which may be provided to the risk
predictor 104. In some cases, the data analyzer can include
an application programming interface (API) 314, which can
be used to provide data (e.g., analyzed data messages 316)
to requesting components. In some cases, the output of the
data analyzer 300 can include feedback to the data scavenger
318 and even feedback to the operating system 320.
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FIG. 4 illustrates a representational diagram of a risk
predictor and its inputs and outputs. As mentioned above
with respect to the risk predictor 104 of FIG. 1, a risk
predictor 400 can synthesize information 402 from a data
analyzer 102 with use case specific context (e.g., the behav-
ioral model data 404) provided from a moderator 103. The
risk predictor 104 can also receive operating system data
405 from an operating system 120. The operating system
data 405 can include software-based annotations for
expected behaviors of circuit operations.

The risk predictor 400 can include an interface 406,
memory device 408, and processor 410.

The interface 406 can include hardware for communicat-
ing with the data analyzer 102, moderator 103, and higher
level systems (e.g., operating system 120, system 105 of
FIG. 1). As previously described, the risk predictor 400 can
provide a risk report 412, threat score 414, and other output
such as feedback 416 to an operating system 120.

The risk predictor 400 includes instructions 418 for a
contextual risk assessment stored in the memory 408 that
when executed by the processor 410 direct the risk predictor
to generate a probabilistic report (e.g., risk report 412) using
the analysis data 402 and behavioral model data 404. In
some cases, the instructions 418 for the contextual risk
assessment can include algorithms for machine learning,
deep learning/neural network. A threat score 414 may be
generated by the risk predictor 400 via the threat score
module 420 to indicate the probability of an ongoing attack
and can involve assigning weights to various features iden-
tified by the risk predictor 400. The risk predictor 400 can
further provide an output 422 according to a response policy,
which can be fed back to adjust a state of the underlying chip
or system directly or, for example, via the moderator 103.
The response policy output 422 indicates how the underly-
ing chip or system should respond to the identified risk. The
response policy output 422 can be used to update behavioral
models and countermeasures (e.g., threat responses) such as
described herein. In some cases, the risk predictor 400 can
build a risk report 412 on the output of the data analyzer 102
only.

FIG. 5A illustrates a representational diagram of a mod-
erator. As described with respect to moderator 103, mod-
erator 500 inserts intelligence into the framework, with
connections to/communication with one or more of the other
components of the security framework. Moderator 500 can
include interfaces 505 for components of the framework in
order to provide behavioral model data such as a new
memory map 506 to a data scavenger, a new metric 507 to
a data analyzer, and a use case-specific model 508 to a risk
predictor. The interface 505 can include a communications
interface enabling communication between systems on chip
or off chip (or both), depending on the implementation.

Moderator 500 can include a moderator controller 510,
one or more APIs 520, an encoder and decoder 530 for
sensitive data, one or more storage resources 540 that can
store one or more models 545 (and other data or instructions
supporting artificial intelligence, machine learning and/or
deep learning processes), and a training module 550 that
trains the one or more models 545 based on received
operational data such as scavenged data and analyzed data
from at least one computing systen/IC (and, for example,
corresponding data scavenger and/or data analyzer). That is,
the moderator 500 can gather operation monitoring data
from one or more on-chip data sources (as data 546) and one
or more off-chip sources (as data 547). These on-chip data
sources can include performance counters, power manage-
ment & monitoring circuitry, antennas, etc. The off-chip
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sources can include neighboring devices or the cloud and
can provide additional information (e.g., a warning about
currently ongoing attacks/suspicious activity). In some
cases, the training module 550 includes an inference engine;
in other cases, such as illustrated in FIG. 5A, the training
module 550 includes a threat-modeling engine 560.

The moderator controller 510 can control other functions
within the moderator 500. The moderator controller 510 can
include, for instance, one or more processors and local
storage of executable code (“instructions™). In some cases,
the moderator controller 510 can implement or include a
neural network.

The one or more APIs 520 can serve as a point of
communication between the moderator 500 and one or more
third parties. That is, in addition to interfaces supporting
communication with one or more of a data scavenger, data
analyzer, risk predictor, operating system/other higher level
system, the moderator 500 can provide the one or more APIs
520 to support receipt of models and data from third parties
and requests for information by third parties. The moderator
500 may provide a specialized portal accessible through an
application or a more generalized gateway that can be
accessed through a web portal. The APIs 520 can include an
update model API, which allows the moderator to receive
models from a third party to update a particular component
of the system. The one or more APIs 520 can also include a
data API, which allows the moderator 500 to communicate
the received data to a third party. The one or more APIs 520
can also be coupled with the encoder and decoder 530 to
decode any received inputs or encode any outputs to be sent
to one or more third parties.

The encoder and decoder 530 can include circuitry or
programming to encode or decode messages according to
various methodologies. The encoder and decoder 530 can be
used to facilitate secure communication between separate
systems.

The one or more storage resources 540 can include any
suitable hardware storage devices.

The one or more models 545 can be generated and/or
managed by the moderator 500. The one or more models 545
can include profiles for operational behavior during different
types of attacks and normal operation. The models can be
output from the training module 550 and accessed by the
moderator controller 510 to send to the security analytics
framework (e.g., to provide use-case specific information to
a risk predictor 104 or to update or adjust operations of a
data scavenger 101 or data analyzer 102) or sent out to a
third party. The training module 550 can include a threat-
modeling engine 560 to perform analyses on sets of data to
determine more effective detection methodologies. In some
cases, the training module 550 can implement or include a
neural network. An example of a learning process of a
threat-modeling engine can be seen in FIG. 5B. The training
module 550 can be configured to run periodically, continu-
ously, or require a trigger from the moderator controller 510.

The moderator 500 can evaluate the received operational
data (e.g., on-chip data 546 or off-chip data 547) against a
behavioral model to determine a threat probability. The
model (e.g., of one or more behavioral models 545) may be
generated locally (on the device being monitored) or
remotely (on an edge device or a cloud instance) and
managed by the moderator 500. Based on the threat prob-
ability identified by a risk predictor (e.g., whether the threat
probability exceeds certain threshold levels), threat response
signals can be triggered. The threat responses may be
handled by the device being monitored itself or by the
analytics processing circuitry (e.g., one or more of the data
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scavenger, data analyzer, risk predictor, or moderator). The
responses can differ based on the type and severity of the
threat.

FIG. 5B illustrates an example a threat-modeling engine.
Referring to FIG. 5B, an example threat-modeling engine
can receive operational data 575 from one or more chips to
be used as a training data set 580 in a learning phase 582 to
generate an initial model. The learning phase 582 can feed
the model to the detection engine 584, which takes in a test
data set 585 to generate detection results 590. The learning
phase 582 can include one or more methodologies of
machine learning, including deep learning or use of various
neural networks. Using the detection engine 584, the outputs
of the learning phase 582 can be compared against the test
data set 585 to determine the accuracy of the model trained
in the learning phase 582.

FIGS. 6A-6] illustrate example configurations of compo-
nents of an analytics processing system. As described above
with respect to FIG. 1, the components of an analytics
processing system, including a data scavenger 601, data
analyzer 602, moderator 603, risk predictor 604, operating
system 605 (with memory and processor) may be on the
same chip or different chips. Further, when components are
on the same chip, some of such components may be in a
secure logic region and other of such components may be in
a non-secure region of the chip.

FIG. 6A illustrates a configuration where the data scav-
enger 601-A, data analyzer 602-A, moderator 603-A, risk
predictor 604-A, and operating system 605-A are on the
same chip 600-A.

FIG. 6B illustrates a configuration where the data scav-
enger 601-B is on-chip 600-B; and the data analyzer 602-B,
moderator 603-B, risk predictor 604-B, and operating sys-
tem 605-B are not located on the chip 600-B.

FIG. 6C illustrates a configuration where the data scav-
enger 601-C and operating system 605-C are on the same
chip 600-C; and the data analyzer 602-C, moderator 603-C,
and risk predictor 604-C are not located on the chip 600-C.

FIG. 6D illustrates a configuration where the data scav-
enger 601-D and moderator 603-D are on the same chip
600-D; and the data analyzer 602-D, risk predictor 604-C,
and operating system 605-D are not located on the chip
600-D.

When the data analyzer 602 is off chip, such as shown in
FIGS. 6B, 6C, and 6D, the chip 600 can include an interface
to an off chip trusted processor providing the analyzer
functions. For example, snapshots of information from the
scavenger 601 can be captured and communicated off-chip
to the analyzer 602. Whether on chip or off chip, the data
analyzer 602 (and other components) can include certain
security and encryption measures as discussed in more detail
with respect to FIG. 12. In some cases where the data
analyzer 602 is off chip, at least some data analysis may be
conducted on the chip.

FIG. 6E illustrates a configuration where the data scav-
enger 601-E and data analyzer 602-E are on the same chip
600-E; and the moderator 603-E, risk predictor 604-E, and
operating system 605-E are not located on the chip 600-E.

FIG. 6F illustrates a configuration where the data scav-
enger 601-F, data analyzer 602-F, and risk predictor 604-F
are on the same chip 600-F; and the moderator 603-F and
operating system 605-E are not located on the chip 600-F.

FIG. 6G illustrates a configuration where the data scav-
enger 601-G, data analyzer 602-G, and moderator 603-G are
on the same chip 600-G; and the risk predictor 604-G and
operating system 605-G are not located on the chip 600-F.
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FIG. 6H illustrates a configuration where the data scav-
enger 601-H, data analyzer 602-H, and operating system
605-H are on the same chip 600-H; and the moderator 603-H
and risk predictor 604-H are not located on the chip 600-F.

FIG. 61 illustrates a configuration where the data scav-
enger 601-1, data analyzer 602-I, moderator 603-1, and
operating system 605-1 are on the same chip 600-I; and the
risk predictor 604-I is not located on the chip 600-I.

FIG. 6] illustrates a configuration where the data scaven-
ger 601-J, data analyzer 602-J, moderator 603-J, and risk
predictor 604-J are on the same chip 600-J; and the operating
system 605-J is not located on the chip 600-J.

Where both the data scavenger and the data analyzer are
on the same chip, such as in FIGS. 6A and 6E-6J, the data
analyzer 602 itself can be intermingled/distributed with the
data scavenger 601 on the chip. As an example, the data
scavenger 601 may have one element of interest resulting in
collecting information related to operation codes (op-codes)
being executed on the chip. A dedicated part of the data
analyzer 602 may detect that two op-codes identified by the
data scavenger 601 were repeating in succession and that
this pattern is not normal. Such an analysis can be very
local/near the source to the capturing of the information by
the data scavenger and result in an action such as collecting
more data, collecting less data, or change the type of
scavenging being performed. A dedicated part of the data
analyzer 602 may be provided near the source for each
element of interest instead of at a centralized analyzer; or a
combination of localized and centralized analysis may be
implemented. Having data analyzer components near a data
scavenger can reduce the underlying bandwidth require-
ments.

FIGS. 7A and 7B illustrate example scenarios for analyt-
ics processing circuitry. In the scenario illustrated in FIG.
7A, an analytics processing circuitry includes a data scav-
enger 702 configured to collect data from at least one
element of interest 710 from A, B, C, D, E, F, and G
elements of interest 710, and a data analyzer 712 with a
predefined metric represented as the first policy 720.

Here, the data scavenger 702 can collect information from
A, B,C, D, E, F and G identified elements of interest 710.
It may be the case that the data scavenger 702 is hard wired
to each of the elements and/or can select between them
based on a configuration signal such as a memory map 216
as described with respect to FIG. 2.

As illustrated, during a time T=0, the data analyzer 712
has a first policy 720 indicating that for each occurrence of
A, doY; and if there have been five occurrences of A and an
occurrence of E, do X. In this manner, the data analyzer 712
can identify patterns in the data received from the data
scavenger 702 using the predefined metric of the first policy
720.

In the illustrated scenario, the data analyzer 712 is con-
figured to communicate with a moderator 722. At a later
time T=1, the data analyzer 712 can receive (730) an update
to the predefined metric, resulting in a second policy 740.
The update may change an existing metric or add a new
metric to the policy. Here, the second policy 740 includes a
new metric that if there have been two occurrences of F, then
do Z.

The responses Y, X, and Z may be particular countermea-
sures, feedback information to the data scavenger 702, or
particular information to another component (e.g., to a risk
predictor, operating system or other higher level system, or
the moderator 722), as examples.

In the scenario illustrated in FIG. 7B, an analytics pro-
cessing circuitry includes a data scavenger 742 configured to
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collect data from at least one element of interest 750 from A,
B, C, D, E, F, and G elements of interest 750, and a data
analyzer 752 with a predefined metric represented as the first
policy 760.

Here, the data scavenger 742 includes selection circuitry
to selectively collect (e.g., independent selection of) infor-
mation from A, B, C, D, E, F, and G identified elements of
interest 750 according to a first configuration 770.

As illustrated, during a time T=0, the data scavenger 742
has a first configuration 770 indicating that data is to be
collected from A, B, E, and F identified elements of interest
750 and the data analyzer 752 has a first policy 760
indicating that for each occurrence of A, do Y; and if there
have been five occurrences of A and an occurrence of E, do
X. In this manner, the data analyzer 752 can identify patterns
in the data received from the data scavenger 742 using the
predefined metric of the first policy 760.

In the illustrated scenario, both the data scavenger 742
and the data analyzer 752 are configured to communicate
with a moderator 772. At a later time T=1, the data scav-
enger 742 can receive (775) a configuration signal for a
second configuration 780, indicating which data should be
collected by the data scavenger 742. In this example sce-
nario, the second configuration 780 indicates that data is to
be collected from A, B, D, E, and F identified elements of
interest 750.

At the same time T=1 or at a different time (before or after
the data scavenger 742 is updated), the data analyzer 752 can
independently receive (785) an update to the predefined
metric, resulting in a second policy 790. As with the scenario
illustrated in FIG. 7B, the update may change an existing
metric or add a new metric to the policy. Here, the second
policy 790 includes a new metric that for each D do R.

The responses Y, X, and R may be particular countermea-
sures, feedback information to the data scavenger 742, or
particular information to another component (e.g., to a risk
predictor, operating system or other higher level system, or
the moderator 772), as examples.

As described above, analytics processing circuitry in a
security analytics framework can collect status data, such as
power usage or the number of routines run, from a chip;
compile and analyze this data; and, in some cases, generate
reports. Intelligence and feedback are added to the system by
the moderator, which can receive outputs of various stages
of the other components of the security analytic framework
and can receive input from external sources to provide
information about emerging styles of attacks in particular
applications. One or more models can be curated by the
moderator, and the moderator can either send the models or
instructions based on the model to other components of the
security analytics framework.

Most ICs with security features for sensitive information
have some form of countermeasures for protecting against
attacks. These countermeasures are designed and built-in to
the chip. When new types of attacks are formulated, these
defenses may not be sufficient. The described security
analytics framework and analytics processing circuitry
enable dynamic responses to emerging threats. One aspect of
this capability is the inclusion of artificial intelligence
(which can include machine learning, deep learning, and
other approaches) and communication mechanisms that
enable information, such as operational data, to be collected
and analyzed with context on chip and/or across a network.
Thus, when attacks change, models representing normal
behavior and/or abnormal behavior can be updated and
distributed, providing a resilient defense to the new attacks.



US 12,118,088 B2

13

Operational data is gathered on-chip, for example in form
of performance counters, power supply measurements, op-
code sequences and clustering. Some of this operational data
has intelligence and it is possible to extract indicators of
compromise. The indicators of compromise are not neces-
sarily related to an attack on the chip. Since the chip is
participating in a system and the system is participating in a
larger network, when an attack is happening at the higher
system level, the information—the operational data—that
can be collected from the hardware at the chip level or a few
chips on the network level can hold the clues to the attack,
for example malware that has been installed on a mobile
phone. Even though the malware itself is running at the OS
level or software level, it may be possible to identify
indicators of compromise at the hardware level from opera-
tional data.

The moderator and/or risk predictor or an outside service
can use advanced methods such as deep learning to cluster
the behaviors (that may be extracted from the collected data)
to identify potential anomalies or extract explicit behavioral
anomalies. These behaviors may be different for different
applications since what is an expected behavior and the
context differs from application to application. For example,
a mobile phone can have a different expected behavior
compared to a set top box, both of which would have
different expected behaviors as compared to an automotive
application.

Once a risk report is generated and/or threat score is
identified, the threat response can be at the chip level or the
hardware level, or the threat score can be passed on to a
higher level monitoring system (e.g., software or operating
system level) to participate in threat detection and responses.

As explained above, through a moderator, the behavior
profiles/models can be deployed on the device or a remote
agent to monitor device and application activity and guide/
configure on-device countermeasures. The behavior pro-
files/models can include local profiles and remote profiles.

Examples of countermeasures include providing weights
for an on-chip machine learning model aiming to disrupt
dynamic power analysis attacks by changing characteristic
signatures (e.g., insertion of noise; adjusting processing
patterns; entering a less efficient, but more secure mode,
etc.) or adding an IP address associated with an active botnet
to an internal blacklist.

Local profiles can be informed by locally gathered opera-
tion monitoring data and data provided remotely via a route
of trust. The latter may include default weights for machine
learning (ML) algorithms and configuration parameters for
other components. For instance, a higher level system may
notice a type of attack pertaining to a certain class of IoT
devices—such as routers including a certain model of power
supply circuitry—and provide custom parameters to those
devices

Remote profiles can be generated outside of the device.
For instance, on edge devices or cloud instances. This moves
the computational complexity off the device, which can save
power, benefit from more performant hardware and/or be
able to use proprietary algorithms. The threat-modeling
engine 570 of FIG. 5B is an example of a system suitable for
remote profile generation since the training of machine
learning algorithms is highly computation intensive com-
pared to inference engines.

Both local and remote profiles can be maintained and
refined over time and, when permitted, data gathered from
multiple sources can be used to increase the accuracy of
machine learning models. The data can also be used to refine
other parameters, such as the thresholds used to determine if
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a certain activity is normal or a potential threat. Through
communication between the moderator (e.g., moderator 103
of FIG. 1) and higher level monitoring systems (e.g., oper-
ating system 120 and higher level monitoring system 105 of
FIG. 1) certain changes can be made in the context of
software updates (e.g., an original equipment manufacturer
(OEM) adding a new feature that affects the device’s behav-
ior or adjusting the device’s behavior to adapt to newly
discovered attack types).

In an example implementation, the risk predictor 104, 400
or the data analyzer 102, 300 can determine whether con-
ditions exceed certain a threshold and if the conditions
exceed a certain threshold, indicate that a response should be
initiated. The indication can be internal when response is a
function carried out by the analytics processing circuitry
itself. The indication can be a trigger for a particular
countermeasure (or a signal to a system that determines the
appropriate countermeasure. The indication can be an output
to software/the higher level system, which then determines
appropriate action.

The threat responses triggered by the analytics processing
circuitry may vary based on the type of IC, the confidence
that a specific threat was detected, and the potential severity
of a threat. The analytics processing circuitry may consider
multiple threshold levels per threat type to account for
varying levels of confidence. The type and number of
responses may also be limited by the complexity of the
analytics processing circuitry (e.g., loT/edge/infrastructure
device). Responses may include discrete outputs to be
interpreted by other software or hardware, messages sent to
one or more agents, or counter-responses, as some examples.

The discrete outputs to be interpreted by other software or
hardware can be, for example, an interrupt to a CPU or a
signal to an off-chip security monitor.

The messages sent to one or more agents can be, for
example, to neighboring devices, an edge device or cloud
instance. These messages can take the form of a warning, a
request for guidance on how to handle the threat, a trigger
for certain behaviors on the recipient’s end, etc.

A counter-response may be to, for example, blacklist a
malicious [P address, disable connectivity; slow down an
on-chip clock in response to too high clock skew or an
unexpected dip in the power supply voltage; throttle perfor-
mance, kill a suspicious execution thread, force a reboot;
disable functional units, disable caches, issue a local chal-
lenge-response; inject jitter; erase keys, perform a factory
reset, or brick the device.

As mentioned above, profiles/models can be use-case-
specific profiles/models generated with use-case-specific
data (e.g., based on a hardware configuration of the device
and/or device application of the device). In some cases, the
profiles can be classified according to device application
classes. For example, profiling a house alarm may show
consistent activity 99% of the time. However, in the case of
a scheduled test or actual break-in, the device behavior may
diverge significantly enough to be categorized as a threat.
One potential response to a perceived threat is a forced
reboot, which in case of a break-in would be highly unde-
sirable. Therefore, for such devices, a forced reboot would
not be an indicated response under the identified conditions
or device application.

As another example, devices with secure information may
be subject to differential power analysis (DPA) attacks,
which are a form of side-channel attack aiming to extract
cryptographic keys or other sensitive information from a
target device. During a DPA attack, the power consumption
of a device may be monitored during the processing of the
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cryptographic keys or information; and signal processing
algorithms are then used to “restore” these secrets for the
attacker. Electromagnetic (EM) analysis attacks operate in a
similar fashion. Attackers use probes to monitor EM emis-
sion over specific parts of the chip. This newer type of attack
bypasses mitigations that may have previously been put into
place to counter DPA attacks. By using the described ana-
Iytics processing circuitry and updatable behavior models, it
is possible to provide updates to the devices in order to better
protect against emerging attacks.

FIG. 8A illustrates communication pathways for a mod-
erator; and FIGS. 8B-8D illustrate using a moderator to
implement a security configuration. As previously
described, a security analytics framework 800 can be imple-
mented with a data scavenger 810, data analyzer 820, risk
predictor 830 and moderator 840. The moderator 840 can
send information or models to the different components
within the security analytics framework and receive infor-
mation from the different components to update the models
through, for example, various machine learning/training
techniques.

For example, the data scavenger 810 can receive, from the
moderator 840, information 841 such as instructions regard-
ing what data to collect from a functional circuit, informa-
tion about the frequency of data collection, information
about the resolution of scavenged data, or information about
what information to forward to the data analyzer 820. The
data analyzer 820 can receive, from the moderator 840,
information 842 such as information about the frequency of
analysis or weights for the analysis of data from the data
scavenger 810. The risk predictor 830 can receive, from the
moderator 840, information 843 such as weights or a model
to be used as context to produce a streamlined report (e.g.,
the risk report) from the output of the data analyzer 820. The
weights can be based on a model to interpret the output of
the data analyzer into relevant security concerns or diag-
nostic results. The streamlined report may be a summary, or
it may be comprehensive. The risk predictor 830 can include
a threat score module 835, which can also receive weights
or a model (not shown) from the moderator 840 to output,
for example, a value indicating the current threat level. The
output of the threat score module 835 may be machine
readable, and may in some cases directly feed (not shown)
into functional circuitry on the chip or to a higher level
system (e.g., the high level monitoring system 105 or
operating system 120 of FIG. 1).

In some cases, the moderator 840 can receive the same or
an encoded version of the information sent between the
other components. In some cases, the information sent to the
moderator 840 is information that would not normally be
sent from one component to another and is just for the
moderator 840. For example, the data scavenger 810 may
collect data that is sent solely to the moderator 840 (e.g., as
data 844) and not to the data analyzer 820.The moderator
840 can receive the data 844 and the data 845 (or a portion
thereof) output to the data analyzer. Similarly, the moderator
840 can receive data 846 from the data analyzer 820 that is
not sent to the risk predictor 830 and the data 847 (or a
portion thereof) that is otherwise sent to the risk predictor
830. The moderator 840 can also receive output 848 from the
risk predictor 830 and even the threat score 849.

Turning to FIG. 8B, as described in FIG. 8A, the mod-
erator 840 can receive input from various components of a
security analytics framework, including a data scavenger
810, a data analyzer 820, and a risk predictor 830 in order
to update behavioral models (and in some cases work in
conjunction with a higher level monitoring system). These
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components act on one or more blocks of functional cir-
cuitry 850. At some point, the moderator 840 can receive
(855) operational data from one or more components in the
security analytics framework. In the example of FIG. 8B, the
risk predictor 830 is specifically communicating with the
moderator 840, but embodiments are not limited thereto. At
some point after receiving the communication, the modera-
tor 840 can determine that a change to a different security
configuration is necessary. This may be on the direction of
a higher level system or based upon learned features dis-
covered by the moderator 840. A new security configuration
can be determined, and the new security configuration can
be communicated (860) to different parts of the system.

Turning to FIG. 8C, a more detailed flow of the security
analytics framework can be seen. The data scavenger 810
can be configured to receive a number of types of opera-
tional data 865 from the functional circuitry 850. One or
more of these can be collected at a given time. For example,
as seen in FIG. 8C, the operational data 865 from the
functional circuitry 850 is depicted as including five types,
but only two are collected by the data scavenger 810 as
indicated by the filled lines. In much the same way, the data
analyzer 820 can be configured to receive one or more types
of operational data 870 from the data scavenger 810. In
many cases, the operational data 865 from the functional
circuitry 850 will be of the same one or more types as the
operational data 870 from the data scavenger 810. However,
there are some implementations wherein the data scavenger
810 can capture more types of operational data 865 than
does the data analyzer 820. For example, while some types
of operational data might not be part of a currently used
model in the security analytics framework, they may still be
monitored for aberrant activity. The output 875 of the data
analyzer is received by the risk predictor 830, which uses the
models previously provided as information 843 from the
moderator 840 to generate a risk report and other output. In
this illustration, the moderator receives (855) information
from the risk predictor 830.

Turning to FIG. 8D, based on the operational data and
other information received by the moderator 840, a new
security configuration can be generated and sent (860) to one
or more of the components or the functional circuitry 850.
For example, after data is received (855) by the moderator
840, it is possible that a determination is made by the
moderator 840 that a new security configuration is needed.
After the details of the new security configuration are
determined, the moderator 840 can send (860) the new
security configuration to the rest of the system. For example,
as illustrated in FIG. 8D, the operational data 880 captured
from the functional circuitry 850 by the data scavenger 810
and the operational data 885 sent and/or used by the data
analyzer 820 are updated. In FIG. 8D, as indicated by the
solid arrows, the operational data 880 from the functional
circuitry 850 and the operational data 885 from the data
scavenger 810 both include data pertaining to three sources.

Other examples of possible results not shown in the figure
can include updated models providing different interpreta-
tion of operational data in the data analyzer 820 and the risk
predictor 830. The behavior of the functional circuitry 850
can also be altered. For example, certain sensitive functions
can be ceased. In another implementation, the functional
circuitry 850 can begin implementing dummy routines or
acting on dummy data to prevent leakage of sensitive
content. In another implementation, the functional circuitry
850 can be shut down entirely, for example in the case of a
serious attack with a high degree of certainty from the
moderator 840.
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FIG. 9 illustrates a method for providing moderation to a
security analytics framework. Method 900 can be carried out
by a moderator such as moderator 103 described with
respect to FIG. 1, moderator 500 described with respect to
FIG. 5A, or moderator 840 such as described with respect to
FIGS. 8A-8B, and can include sending (902) a first model to
a risk predictor for a system. The first model includes
context information for a particular application of the sys-
tem. The system can include a moderator, a data scavenger,
data analyzer, a risk predictor, and one or more blocks of
functional circuitry. In some cases, a security configuration
or instructions based on the first model can be sent to the risk
predictor instead of a full model. Multiple models can also
be sent to the risk predictor. One or more models, a security
configuration, or instructions can also be sent to other
components of the system, such as a data scavenger or data
analyzer or one or more blocks of functional circuitry within
the system.

The moderator can receive (904) operational data from
the system (e.g., on-chip data 546 or off-chip data 547 such
as described with respect to FIG. 5A). For example, the
operational data may be received from any of the compo-
nents of the system, including, but not limited to the data
scavenger, data analyzer, and risk predictor. When the opera-
tional data is received from a risk predictor, the operational
data can include one or more numeric values that indicate
one or more threat scores (e.g., one threat score per potential
attack). Data can also be received from a third party, for
example, via an API. The data from the third party can be
one or more global models (e.g., a model based on an
emerging type of attack that hasn’t been experienced in the
immediate system). The data from the third party can also be
a set of instructions based on a global model.

Training can be performed (906) on one or more stored
models including the first model using the received opera-
tional data to generate at least a second model. The second
model can be an improved version of the first model. In
some cases, the second model overwrites the first model in
memory. In some cases, the first model is preserved and the
second model is written to a different location. More than
one model can be generated at this stage. For instance, the
second model may be intended for the risk predictor; and a
third model (or profile) can be generated for the data
scavenger or the data analyzer.

The second model can be sent (908) to the risk predictor.
The risk predictor can use this model for context when
processing results of a data analyzer.

The moderator can determine (910) whether to make an
adjustment to a security configuration of the system based
on at least the received operational data. The determination
can be based on, for example, newly identified threats from
the analysis of the operational data or from a third party
update. A newly identified threat from the analysis of the
operational data may be available because of information
received from off-chip sources.

Once the moderator makes a determination that an adjust-
ment to the security configuration of the system, should be
made, the moderator can determine (912) a particular secu-
rity configuration for the system based on at least the
received operational data. A security configuration can
include one or more models and instructions to be sent to
one or more components of the security analytics frame-
work. The security configuration can be a learned configu-
ration generated through machine learning or an inference
engine as to appropriate measures for a particular environ-
ment and possibly new threat behaviors. There may be
different levels of security configurations to match different
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levels and certainty of a threat’s presence and the particular
security configuration can be based on certainty of the
threat’s presence. The moderator can then send (914) the
particular security configuration to at least one component of
the system. In some cases, the security configuration can
also include instructions for one or more blocks of func-
tional circuitry. For example, the moderator may send a
configuration signal to a data scavenger to adjust which
elements of interest should be sources of data being col-
lected. As another example, the moderator may send an
updated model to a data analyzer for the predefined metric
used by the data analyzer to identify patterns in the scav-
enged data. In some cases, if a serious attack is detected or
suspected to be underway in the system, the moderator may
send a command, directly or via the data analyzer, to shut
down entirely to one or more blocks of functional circuitry
in an effort to prevent exposure of sensitive information.

FIGS. 10A-10D illustrate an example attack scenario and
corresponding response. An operating environment can
include functional circuitry 1000 of a system, a data scav-
enger 1002, a data analyzer 1004, a risk predictor 1006 and
a moderator 1008. At least the data scavenger 1002 of the
security analytics framework may be included on-chip as
part of the system.

Referring to FIG. 10A, an attacker 1010 may attempt to
extract data from the functional circuitry 1000, for example
via a side channel attack 1012 or a fault injection attack
1014. In a side channel attack, the signal lines, power lines,
and/or outputs of the circuitry are viewed repeatedly to
determine any secret-specific behaviors of the circuitry. In a
fault injection attack, the attacker injects one or more errors
into the system and analyzes the output in an effort to
determine or manipulate the inner workings of the circuitry;
for instance, by maliciously setting a processor internal flag
to indicate a successful security check, independent of the
result of the actual check.

Referring to FIG. 10B, at some point (if not continually or
continuously), possibly during the attack 1012, 1014, the
data scavenger 1002 collects (1030) data from the functional
circuitry 1000. The collecting (1030) of the data can occur
as described with respect to FIGS. 1 and 2.

Turning to FIG. 10C, the data scavenger 1002 can com-
municate information collected from the functional circuitry
1000. The information can be communicated (1040) to the
data analyzer 1004 as described in FIGS. 1, 2, and 3. The
information from the data scavenger 1002 can also be
communicated (1042) directly to the moderator 1008 as
observational data. At some point, after the data analyzer
1004 finishes analysis of some or all the data, the output of
the data analyzer 1004 can be communicated (1044) to the
risk predictor 1006. The output of the data analyzer 1004 can
also be communicated (1046) directly to the moderator
1008. In addition, if the data analyzer identifies the attack
from the current risk policy, the data analyzer may initiate
the appropriate threat response. In addition to, or as an
alternative, the risk predictor 1006 may trigger the appro-
priate response. In particular, the risk predictor 1006 can use
a previously received (from the moderator 1008) use-case
specific behavioral model to process the output of the data
analyzer 1004 and output the results to a higher level (not
shown) or another component in the framework, such as
described in FIGS. 1 and 4. In some cases, the results of the
risk predictor 1006 can be communicated (1048) to the
moderator 1008. It is possible that the data analyzer 1004
and risk predictor 1006 do not identify a behavior indicative
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of the attack. However, the moderator 1008 is able to take
advantage of its intelligence and supplement or update the
system.

Turning to FIG. 10D, after the moderator 1008 receives
the operational data, the moderator 1008 may generate a new
model and determine whether to make an adjustment to the
security configuration of the system. The moderator 1008
can communicate the new model or set of instructions to
other components. In some cases, the functional circuitry
1000 receives (1052) instructions from the moderator
1008—for instance, the moderator 1008 may itself deter-
mine that the observational data indicates an attack is
occurring and send the functional circuitry 1000 a signal to
shut down permanently or until the attack is over or other-
wise dealt with. The functional circuitry 1000 could be sent
garbage data to process or implement a dummy routine. In
some cases, the data scavenger 1002 receives (1054) a
configuration signal from the moderator 1008. The configu-
ration signal can indicate new data to collect from the
functional circuitry 1000, new data to forward to the data
analyzer 1004, or other instructions. In some cases, the data
analyzer 1004 receives (1056) instructions or a model from
the moderator 1008. The instructions can include new pre-
defined metric(s) to apply to the data received from the data
scavenger 1002, new data to forward to the risk predictor
1006, or other instructions. In some cases, the risk predictor
1006 receive (1058) the new model from the moderator
1008 and instructions to re-process the data received from
the data analyzer 1004. In some cases, observational data
collected from the system under attack may not be processed
by the moderator 1008 in time to protect that system from
the attack, but can be used to update models sent to other,
similar systems.

FIG. 11 illustrates an example analytic framework for a
system with multiple subcircuits. Referring to FIG. 11, a
chip 1100 can include a moderator 1110, a first subcircuit
1120 coupled to the moderator 1110, and at least one other
subcircuit 1130 coupled to the moderator 1110. Each sub-
circuit can include a number of components within the
subcircuit, including functional circuitry 1122, 1132 data
scavenger 1124, 1134, a data analyzer 1126, 1136, and a risk
predictor 1128, 1138. It is possible that one or more of these
components may not be present in an immediate subcircuit
(e.g., the one or more components may be in a different part
of the chip or may be off-chip). In the same manner, the
moderator 1110 may be off-chip, so long as it is coupled in
some way to the first subcircuit 1120 and the at least one
other subcircuit 1130. There are two subcircuits depicted,
but it should be noted that there could be more than two.

At some point, the moderator 1110 can receive (1140)
observational data from the first subcircuit 1120. The data
may originate from the data scavenger 1124, the data ana-
lyzer 1126, the risk predictor 1128, or more than one of these
components. After receiving the data, the moderator 1110
may determine a new security configuration. The security
configuration can include instructions to alter behavior in the
functional circuitries 1122, 1132, the data scavengers 1124,
1134, the data analyzer 1126, 1136, or the risk predictor
1128, 1138.

The moderator 1110 can then communicate (1150) the
new security configuration to the first subcircuit 1120. At
this time, the moderator 1110 can also communicate (1150)
the new security configuration to the at least one other
subcircuit 1130, in doing so communicating the new security
configuration to a subcircuit that otherwise might still be
vulnerable to an attack that happened to the first subcircuit.
Similarly, it is possible that an attack originates on the at

10

15

20

25

30

35

40

45

50

55

60

65

20

least one other subcircuit 1130 and data is communicated to
the moderator 1110 from that attack, causing the moderator
1110 to communicate to both the at least one other subcircuit
1130 and the first subcircuit 1120.

FIG. 12 illustrates examples of communication between
different parts of a system incorporating a security analytics
framework that may be in different locations or have dif-
ferent secure states. A system can include a chip 1210 with
a secure area 1212 and a nonsecure area 1214. The system
can further include a board 1220 on which both the chip
1210 and another chip 1222 is located. The system can also
include off-board circuitry, including off-chip circuitry 1232
available via wired transmission mechanisms and off-chip
circuitry 1234 available via wireless transmission mecha-
nisms.

As an example, a data scavenger and data analyzer may
be in the secure area 1212 on chip while a risk predictor may
be in a nonsecure area 1214 on chip. A moderator may be
housed off of the chip 1210 on the other chip 1222. The
moderator may further communicate data, including data
from the secure analytics framework, to external sources. In
some cases, the moderator may be on chip 1210 or on any
system on a chip with at least one secure domain for
sensitive information or cryptographic functions.

Communication between a secure area 1212 on chip and
a nonsecure area 1214 on chip can have some element of
security applied. The security involved can include existing
obfuscation methods, such as sending out irregular signals,
padding data, use of dummy routines or dummy data, or
traditional encryption methods. Different security methods
can be used for different types of data. Communication
between a secure area 1212 on chip or a nonsecure area 1214
on chip and the other chip 1222 can use similar or different
security methods. Communication involving an off-board
wire-connected circuitry 1232 or an off-board wirelessly
connected circuitry 1234 can be configured to be more
secure, using more traditional encryption and fewer obfus-
cation methods.

In some cases, because bandwidth may be limited when
transferring information from one component to another in
the security analytics framework when moving from a
secure area to a non-secure area on the chip or from the chip
to another chip on the same board or even to other chips/
boards that can be accessible via wired or wireless commu-
nications, certain features of the analysis are performed
closer to the functional circuitry being monitored and/or
encoding of information is performed so that the size of a
message from one area to another is reduced.

FIG. 13 illustrates an example implementation involving
a network. A network distributor can have a local source
1300 that distributes to multiple modems 1310, 1350. Each
modem can have one or more routers connected to the
modem, each of which can have one or more devices
connected to the router. A security analytics framework can
be implemented throughout a hierarchy of the network to
detect threats and provide safeguards to the entire network.

Source 1300 can provide internet access to two modems,
a business modem 1310 and a personal modem 1350. The
business modem 1310 can be connected with three routers,
a public router 1320, a payment router 1325, and an
employee router 1330 via a firewall or switch 1315. Two
smart speakers 1335, 1340 can be connected to the public
router 1320. A payment processing device 1345 can be
connected to the payment router 1325. In this case, there is
no device currently connected to the employee router 1330.
The personal modem 1350 can be connected to a personal



US 12,118,088 B2

21

router 1355, through which three personal devices: set top
box 1360, smart speaker 1365, and mobile phone 1370 can
be connected.

Each modem 1310, 1350 and router 1320, 1325, 1330,
1355 can be equipped with a security analytics framework.
For example, a moderator system can be implemented as
part of any network component or as a standalone network
component. Several devices can be configured to have
security analytics frameworks as well, although since some
are for customers or possibly guests, it is difficult to enforce
this. From all devices, modems, and routers with a security
analytics framework, operational data can be collected that
is considered local. The operational data can be communi-
cated as described in FIG. 12 to a moderator housed at the
source 1300. The moderator housed at the source 1300 can
be configured to collect and analyze all of the operational
data provided to it and determine a security configuration for
the entire network based on the local operational data,
including one or more different subconfigurations for the
different types of devices, modems, and routers.

Thus, when a problem is identified in one region, signals
can be sent to help protect others. For example, if an attack
is detected at the personal router 1355, information can be
updated to other routers, including public router 1320 or
other of the routers on the network. In addition, because
patterns can be detected over a wider network, the security
analytics framework can identify an issue that may not be
discernable at only one level.

Although the subject matter has been described in lan-
guage specific to structural features and/or acts, it is to be
understood that the subject matter defined in the appended
claims is not necessarily limited to the specific features or
acts described above. Rather, the specific features and acts
described above are disclosed as examples, implementing
the claims and other equivalent features and acts; they are
intended to be within the scope of the claims.

What is claimed is:

1. A method to provide moderation to a security analytics
framework for a chip or particular integrated circuit (IC), the
method comprising:

sending a first model to a risk predictor of the security

analytics framework for the chip or particular IC,
wherein the first model includes context information
for a particular application of the chip or particular IC;
receiving operational data of the chip or particular IC;
performing training on one or more stored models includ-
ing the first model using the received operational data
to generate at least a second model;
sending the second model to at least the risk predictor;
determining whether to make an adjustment to a current
security configuration of the security analytics frame-
work for the chip or particular IC based on at least the
received operational data, wherein the current security
configuration comprises a first configuration of one or
more elements of interest of a plurality of elements of
interest on the chip or particular IC that a data scav-
enger of the security analytics framework captures,
wherein the one or more elements of interest are
selectively collected according to the first configura-
tion, and wherein the plurality of elements of interest
on the chip or particular IC includes an element of
interest captured from a performance counter;
determining a particular security configuration for the
security analytics framework for the chip or particular
IC based on at least the received operational data; and
sending the particular security configuration to at least
one component of the security analytics framework for
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the chip or particular IC, wherein the at least one
component comprises the data scavenger, wherein the
particular security configuration updates the first con-
figuration to a second configuration of elements of
interest of the plurality of elements of interest on the
chip or particular IC that the data scavenger captures to
provide updated operational data of the chip or par-
ticular IC, wherein the elements of interest that are
selectively collected is changed in the second configu-
ration according to an updated configuration signal
from the particular security configuration.

2. The method of claim 1, wherein receiving the opera-
tional data of the chip or particular IC comprises:

receiving the operational data from at least the data

scavenger of the security analytics framework for the
chip or particular IC.

3. The method of claim 1, wherein receiving the opera-
tional data of the chip or particular IC comprises:

receiving the operational data from at least a data analyzer

of the security analytics framework for the chip or
particular IC.

4. The method of claim 1, wherein receiving the opera-
tional data of the chip or particular IC comprises:

receiving the operational data from at least the risk

predictor.

5. The method of claim 4, wherein the operational data
from the risk predictor comprises a numeric value that
indicates a threat score.

6. The method of claim 1, further comprising:

receiving, by an application programming interface, data

from a third party indicating a global model; and
sending the global model to at least the risk predictor.

7. The method of claim 1, wherein sending the particular
security configuration to at least one component of the
security analytics framework for the chip or particular IC
further comprises sending an updated model to a data
analyzer of the security analytics framework for the chip or
particular IC, wherein the updated model comprises a pre-
defined metric that the data analyzer uses to identify pat-
terns.

8. The method of claim 1, wherein the updated configu-
ration signal from the particular security configuration is
based on the second model.

9. A moderator system to moderate a security analytics
framework for a chip or particular integrated circuit (IC), the
moderator system comprising:

a moderator controller;

an interface for communicating with components of the

security analytics framework, the components of the
security analytics framework comprising a data scav-
enger, a data analyzer; and

a risk predictor; and

a data resource storing one or more models of particular

operations of the chip or particular IC;

wherein the moderator controller comprises one or more

processors and a local storage having instructions

stored thereon that when executed direct the moderator

system to:

send, via the interface, a first model to the risk predic-
tor, wherein the first model includes context infor-
mation for a particular application of the chip or
particular IC;

receive, via the interface, operational data of the chip or
particular IC;

perform training on the one or more stored models
including the first model using the received opera-
tional data to generate at least a second model;
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send, via the interface, the second model to at least the

risk predictor;

determine, whether to make an adjustment to a current

security configuration of the security analytics
framework for the chip or particular IC based on at
least the received operational data, wherein the cur-
rent security configuration comprises a first configu-
ration of one or more elements of interest of a
plurality of elements of interest on the chip or
particular IC that the data scavenger captures,
wherein the one or more elements of interest are
selectively collected according to the first configu-
ration, and wherein the plurality of elements of
interest on the chip or particular IC includes an
element of interest captured from a performance
counter;

determine a particular security configuration for the

security analytics framework for the chip or particu-
lar IC based on at least the received operational data;
and

send, via the interface, the particular security configu-
ration to at least one component of the components
of the security analytics framework, wherein the at
least one component comprises the data scavenger,
wherein the particular security configuration updates
the first configuration to a second configuration of
elements of interest of the plurality of elements of
interest on the chip or particular IC that the data
scavenger captures to provide updated operational
data of the chip or particular IC wherein the elements
of interest that are selectively collected is changed in
the second configuration according to an updated
configuration signal from the particular security con-
figuration.
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10. The moderator system of claim 9, further comprising:

an encoder and decoder for encoding and decoding sen-

sitive data transmitted and received via the interface.

11. The moderator system of claim 9, further comprising:

an update model application programming interface

(API), wherein the update model API receives a model
from a third party to update a particular component of
the security analytics framework for the chip or par-
ticular IC.

12. The moderator system of claim 9, further comprising:

a data API, wherein the data API provides the received

operational data to a third party.

13. The moderator system of claim 9, wherein the instruc-
tions to send the particular security configuration to at least
one component of the components of the security analytics
framework direct the moderator system to:

send an updated model to the data analyzer, wherein the

updated model comprises a predefined metric that the
data analyzer uses to identify patterns.

14. The moderator system of claim 9, wherein the chip or
particular IC is in a network component.

15. The moderator system of claim 9, wherein the chip or
particular IC is a system on a chip with at least one secure
domain for sensitive information or cryptographic functions.

16. The moderator system of claim 9, wherein the chip or
particular IC comprises an integrated Services Identity Mod-
ule (iSIM).

17. The moderator system of claim 9, wherein the chip or
particular IC is in a set top box.

18. The moderator system of claim 9, wherein the updated
configuration signal from the particular security configura-
tion is based on the second model.
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